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Abstract

Between 1964 and 1973, women’s representation in full-time law school programs rose five-
fold, from 3.7% to 20.1%. This paper argues that Vietnam War draft policy contributed to
this increase. In 1968, men enrolled in law school lost eligibility for 2-S student deferments,
threatening law schools’ tuition revenues and creating incentives to admit more women to stabi-
lize enrollment. Using a uniform-adoption difference-in-differences design, we find that women’s
representation rose by 44% (2 percentage points) in full-time programs relative to part-time
programs, which were far less exposed to draft risks. Law schools that lost more first-year men
than expected after the change in deferment experienced larger and more sustained increases in
women’s enrollment share in the following year relative to schools with lower attrition. To un-
derstand the labor market impacts of draft disruption, we digitize over 500,000 pages of archival
directories of practicing lawyers to document downstream effects on the bar. We show that the
draft delayed men’s careers and increased women’s representation at prestigious law schools, in
private practice, and among lawyers who ultimately became firm partners.
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1 Introduction

Nationwide disruptions due to the manpower needs of conflict often coincide with drastic, though
potentially transient, changes in women’s labor force attachment. The most well-known example
of this in the U.S. is WWII, where increased demand for women’s labor led to both short-run
and long-run changes in women’s labor supply during subsequent decades (Goldin and Olivetti
2013). The source of this demand shock has been contested in the literature. Earlier studies
leveraged geographic variation in draft induction intensity (Acemoglu et al. 2004), while later
accounts emphasized the role of increased demand from wartime industries for women’s labor
(Rose 2018; Shatnawi and Fishback 2018). A markedly similar pattern unfolded in graduate and
professional education, pictured for law students in the first shaded region (1941-45) in Figure la.
Women'’s representation grew sixfold from a baseline of around 4% of full-time students in 1940
to around 25% as inductions peaked in the mid-1940s and law schools struggled to stabilize their
enrollment as men were drafted. However, following the war, these seats were quickly returned to
men, reflecting the displacement of women. During the Korean War, this trend repeated itself, as
women experience a temporary boost in enrollment as inductions swell that once again dissipates
after U.S. involvement ends (Fossum 1983).

Several authors have highlighted the relationship between wars and the production and gender
composition of law students. American Lawyers documents that during WWI, female enrollment
increased by 27 percent (increasing from 397 to 503) to fill the tuition void left by a 67 percent
drop (from 7,477 to 2,443) in male attendance between 1916 and 1918 (Abel 1989, p. 91). This
growth was heavily stratified by institutional prestige, declining at elite day schools but surging
in mixed and night programs. We find a similar pattern in enrollment changes during WWII and
the Korean War. Figure 1b plots the fraction of women enrolled in law schools separately for
full-time and part-time programs. While women’s representation rose during both conflicts, the
segmentation across program types was preserved, as part-time programs continued to enroll a
larger share of women. Further, much of this variation across program type was driven by changes
in men’s enrollment. Relative to pre-war peaks, men’s enrollment declined by 11,805 (74%) during
WWII and 12,781 (27%) during the Korean War, whereas women’s enrollment increased by 239
students (34%) and 80 students (6%) during the corresponding years.

The Vietnam War era presents a striking end to these earlier wartime patterns. As Figure 1b
demonstrates, women’s representation in full-time programs eclipses that in part-time programs
for the first time in 1967, suggesting broadening access to more elite institutions. In a break from
previous patterns, this growth was driven by changes in women’s enrollment. While administrators
feared large declines in male enrollment as a result of the Vietnam Draft, only 1798 fewer men (3%)
were enrolled relative to the pre-war peak. Nearly half of this decline was offset by increases in
women’s attendance, increasing by 798 students (27%), nearly twice the amount of women’s growth

in law school attendance from the previous three wars combined. Further, women’s enrollment



continued to increase rapidly while inductions dwindled and the draft ended in 1973, resulting in a
decoupling between inductions and women's representation in Figure la.

Like WWII, the Vietnam War caused substantial disruptions to domestic life. A large literature
documents the impact of the draft on eligible men's college enrollment (Card and Lemieux 2001),
earnings (Angrist 1990; Angrist et al. 2011), childbearing (Bailey and Chyn 2020), and children
(Deza and Mezza 2025; Goodman and Isen 2020). Despite this, there has been little work exploring
how these changes impacted women's roles in the labor market, perhaps because the number of
inductions was far lower than in earlier wars. Yet observers often interpret the abrupt increase
in women's enrollment in law schools beginning in the late 1960s as a consequence of the draft
(Fossum 1981, 1983; Strebeigh 2009). During the early stages of the Vietnam War, graduate and
professional students were broadly shielded from the draft through the student deferment program
that developed throughout the 1950s. However, in 1968, many of these protections were removed;
if admissions committees responded by increasing women's enrollment to curb draft risk to their
tuition revenue, this change could have played a role in dissolving institutional barriers for women.
This paper provides the rst causal evidence that the Vietnam Draft had a marked impact of
women's representation in law schools. Further, we show that this change also mattered for labor
market outcomes of women in a ected cohorts, leading to greater persistence in the profession and
a higher probability of promotion.

Using digitized archival data in conjunction with a di erence-in-di erences design, we present
new evidence that the 1968 change in draft risk for men caused a large increase in women's rep-
resentation in law schools. We digitize data from theReview of Legal Education(RLE) between
1960 and 1975, which provides information on law school enrollment for every currently enrolled
cohort split by sex. To study the impact of changes in draft deferment rules, we leverage the fact
that many law schools operate part-time programs, which report enroliment data separately in the
RLE. Since the formalization of the student deferment program in 1951, part-time students were
largely not eligible for this exemption, providing us with a suitable control group. Accordingly, to
estimate the causal impact of the student deferment policy change, we employ a uniform adoption
di erence-in-di erences design, comparing the progression of the fraction of rst-year law students
who are women at full-time programs relative to part-time programs. We nd similar results using
M.D. students, who retained draft deferments in 1968, as a comparison group in place of part-time
law students. Finally, as a complementary design, we compare law schools that lost more rst-year
men than expected between 1967 and 1968 relative to programs with a lower amount of unexpected
attrition. These students would have enrolled in Fall 1967, well before the change in deferment
rules in February 1968, when they lost the ability to defer induction until graduation. We nd that
more surprise attrition, which was almost entirely due to the draft, lead programs to admit more
women in Fall 1968.

Figure 2a plots the raw data that illustrates our core comparison; it shows the fraction of



rst-year students that are women across all full-time and part-time programs between 1960 and
1975. In the 1960s, part-time programs enroll a consistently larger fraction of women than full-
time programs, but there is strong evidence that the trends in both of these series are parallel.
In 1968, following the removal of student deferments for law study, we see a sharp increase in
the proportion of full-time students that are women, with no visual break in the trend of this
same series for part-time students. Encouragingly, even though the growth rate of the share of
women changes in the 1970s, it does not di er across program type, providing further evidence of
parallel trends in this research design. In our formal di erence-in-di erences design, we nd that
this policy change caused a 2 percentage point increase in women's representation between 1967
and 1968, representing a large 44% increase over the baseline value of 4.5% and explaining around
two-thirds of the increase in women's representation in full-time programs to 7.4%. We explore this
result further by characterizing heterogeneity in this response across programs of di ering prestige.
Using a continuous di erence-in-di erences design, we estimate the relationship between the causal
response in 1968 and the log number of volumes in the law library, our proxy for institutional
prestige. Our results suggest a causal response increasing in prestige: top institutions increase
women's enroliment share by almost 4 percentage points, while we cannot rule out a null response
for institutions at the bottom of the volume distribution.

We also digitize and analyze new data on the near universe of practicing lawyers in this time
period from the Martindale-Hubbell lawyer directories. Because these directories report law school
attended and year of rst bar admission, which generally occurs upon graduation, we are able to
map this labor market information to our policy variation. Using this new data, we rst look for
evidence that the draft distorted labor market outcomes for men. We nd that the number of men
graduating law school before they turned 27 drops more than 20% below trend in 1968, suggesting
that many younger students either were drafted out of law school or chose to delay applying due
to draft risk. However, most of these men appear to have eventually returned to law school, albeit
on a delayed schedule, rather than been removed from the profession entirely. We bolster this
evidence using variation from draft-lottery numbers chosen in 1969, showing that men assigned
numbers called for the draft were 4.1% less likely to graduate before they turned 27. This delay
in education translated into worse labor market outcomes as these men were 1.4 percentage points
less likely to be a partner relative to an associate (and 2.6 less likely to work at large rms) twelve
years after graduation.

This newly constructed data also allows us to study the impact of the draft on women's le-
gal careers. We leverage the fact that many law schools operated only one (either full-time or
part-time) program, allowing us to determine the treatment status of this subset of observations.
Comparing graduates of full-time and part-time programs, we show that 6 years after graduation,
the representation of women in the bar who had graduated from full-time programs increased by
6.2 percentage points relative to their part-time graduate peers. These women were also more



likely to be associates at law rms and more likely to achieve partnership at 12-years out. To guard
against the possibility that institution quality might have changed around the same time, we run
an identical design for men, generally nding muted or null results relative to women's gains during
this period.

In addition, we nd suggestive evidence that several policy changes reinforced these draft-driven
changes to women's representation in law school and in the bar. Title IX requirements (Rim 2021),
anti-discrimination lawsuits led by the Women's Equity Action League (Helgerman 2025), and
increased access to contraception (Goldin and Katz 2002) all appear to have helped sustain and
perhaps increased women's representation initially sparked by draft-related disruptions.

This project makes several contributions. First, as noted earlier, there has been much work
exploring the unintended consequences of the Vietnam Draft. Earlier in the war, the availability of
deferments to avoid service distorted draft eligible men's behavior: hardship deferments increased
childbearing rates (Bailey and Chyn 2020), while student deferments improved men's educational
attainment through college attendance (Card and Lemieux 2001). Later, this patchwork system
was replaced in favor of a draft lottery. Angrist (1990) leverages variation in induction risk based
on date of birth, nding that a higher risk of inductions was associated with lower earnings in the
short to medium run, with convergence in earnings between veteran and non-veteran earnings in
the long run (Angrist et al. 2011). Having an earlier lottery number also had intergenerational
impacts: children of fathers with higher induction risk had lower earnings (Goodman and Isen
2020) and engaged in more risky behaviors (Deza and Mezza 2025). Our study is one of the rst
to look at the impact of the Vietham draft on women's outcomes, adding to Cross (2024)'s study
of gender desegregation in the army in 1972.

We also contribute to the literature on women's access to higher education and human capital
accumulation. To do so, we focus on the causes of the sharp increase in women's enrollment
in graduate and professional schools in the 1970s. To date, most causal evidence on the role of
institutional change in women's access to professional education has focused on either federal anti-
discrimination policy, including Title VII of the Civil Rights Act (Beller 1983), Title IX (Rim 2021),
and Executive Order 11246 (Helgerman 2025), or the role of the pill in improving women's control
over the timing of family formation (Goldin and Katz 2002). Our analysis broadens this literature
by highlighting the indirect impact of a government policy not directly tied to higher education.
Finally, we contribute to a long literature on the relationship between the demand for legal services
and women's entry into law (Katz et al. 2023; Yoon 2017).

Section 2 provides background information on women's representation in law schools and the
operation of student deferments during the Vietnam Draft. Section 3 provides an overview of the
data used and the details of our main empirical design. Section 4 presents results from this design,
a battery of robustness checks, evidence on heterogeneity on the basis of prestige, as well as results

1Notab|y, our context and results di er markedly from studies on WWII, which found that WWII decreased
women's educational attainment (Jaworski 2014)



for several complementary empirical designs. Section 5 shows how our main results translated to
the composition of practicing lawyers. Section 7 concludes.

2 Background

2.1 Law School Admission and Women in Law Schools

Scholars have long examined the entry of women into the legal profession and law schools (Drachman
1998; Lanctot 2020), and a small but growing empirical literature has begun to quantify these
trends (Fossum 1983; Katz et al. 2023; Kuehn and Santacroce 2022). Researchers typically divide
women's participation into three broad eras: the trailblazing years (1869{1920), a long stagnation
(1920{1970), and the period of real progress (1970{2020) (Katz et al. 2023).

During the trailblazing period, women rst entered law schools in the late 1860s, with the
Midwest leading the way. Belle Mans eld became the rst woman admitted to the bar in 1869 in
lowa, and that same year law schools in Illinois and Missouri enrolled their rst women students,
followed shortly by Michigan (Drachman 1998; Morello 1986; Tokarz 1990). Ada Kepley earned
the rst woman's law degree in 1870 at what is now Northwestern. Coeducational traditions in the
Midwest facilitated these early openings, whereas elite East Coast schools largely remained closed
to women|with rare exceptions such as Howard and Boston University (Drachman 1998; Eckhaus
1991; Morello 1986). Despite these precedents, women's enrollment remained extremely low, rising
brie y during World War | as male attendance declined but returning to roughly 3% of all law
students by 1920 (Drachman 1998).

From 1920 to 1970, women's representation stagnated. Harvard's decision to admit women in
1950 marked an important symbolic milestone, but one that did not immediately generate broader
gains. Women remained a small minority of law students and were concentrated in less prestigious
institutions. Previous scholarship has pointed towards informal soft quotas to limit the proportion
of women in any incoming class (Barnes 1976; Drachman 1998; Lanctot 2020; Morello 1986). As seen
in our data, and in previous scholarship, women's share of enroliment rose modestly during World
War Il and the Korean War, as men left for military service, only to fall when they returned (Abel
1989; Drachman 1998). Meaningful expansion did not begin until the late 1960s. The Vietnam
War draft substantially reduced male enrollment in graduate and professional schools, which we
will argue, prompted law schools to admit more women. At the same time, the legal and policy
environment began to change: Title VII of the Civil Rights Act of 1964 prohibited employment
discrimination on the basis of sex, and in 1967 President Johnson extended those prohibitions
to federal contractors covering most universities through Executive Order 11375 (Lanctot 2020).
The following decades brought far more rapid progress. Federal investigations of university hiring
and admissions practices, together with Title IX of the Higher Education Act of 1972, directly
challenged the exclusion of women from law schools and faculties (Fossum 1983). The Association



of American Law Schools (AALS) responded with resolutions condemning sex discrimination and
urging greater inclusion (Lanctot 2020). While less precisely identi ed than our main empirical
results, we explore the potential e ects of these policy changes in Section 6.1, but nd little evidence
of their impacts. By the end of the twentieth century, women accounted for roughly 48 percent
of all law students (Katz et al. 2023), and they now comprise a slight majority in most entering
classes.

2.2 Vietnam Draft

The draft that would persist through the Vietham era began with the passage of the Selective
Training and Service Act of 1940. Though this would serve as the framework for the draft conducted
during World War 1l (WWII), it was passed before U.S. involvement in the war in response to
Germany's occupation of France and siege of England (Flynn 1993, p. 17).Though the details
have changed, the basic structure of the draft remained constant throughout its active operation
through 1973. Following their 18th birthday, men were required to register for the draft.3 The draft
had a decentralized structure, where an individual registered by reporting to a local draft board
comprised of volunteers who lived in their community. The board would provide a classi cation of
draft eligibility for each man. The classi cation system changed substantially over the course of the
draft, but each possibility broadly t into one of four categories. Men who were t and available to

be inducted were designated Class 1. Men with a deferment due to their occupation were designated
Class 2, which included deferments for both graduate and undergraduate education. Men with a
deferment due to family responsibilities were designated Class 3, including at times both married
men and fathers. Men deemed unt to serve were designated Class 4, such as those who did not
pass a physical examination (US Selective Service System 2022).

When it began, the draft system largely did not provide deferments for college education. Upon
passage in 1940, the Act provided students with a deferment until the end of the current academic
year, but these men would be eligible as of July 1, 1941 (PL 76-783 1940). Some protections arose
during WWII, especially for health professional schools, but students were widely subject to the
draft during this time period and college enrollment fell drastically, with graduate enroliment falling
by 30 to 40 percent by the Fall of 1943 (Flynn 1993, p. 78). After a brief hiatus in 1947, the draft
returned after WWII as an e ort to improve national readiness to respond to the Soviet Union in
case of a future con ict; in addition, these concerns also prompted calls to provide draft protection
for scienti c manpower to develop technological capabilities for war (Flynn 1988). This marked the
beginnings of a fundamental shift of the draft apparatus from the egalitarian ideals promulgated
during WWII to a more \scienti c," selective approach, providing deferments to serve economic

2Flynn (1993) notes the role of a lobbyist group led by Grenville Clark, motivated by the belief that \it was the
moral responsibility of America to help preserve English civilization from a new barbarism" (Flynn 1993, p. 11).

3 At inception, men were eligible for the draft between the ages of 21 and 36 (PL 76-783 1940), but by the 1960s,
the range of eligibility was 18 to 26 (Bailey and Chyn 2020).



and strategic interests. As draft calls escalated with U.S. involvement in the Korean War, President
Truman introduced the student deferment system with Executive Order 10230 on March 31, 1951.

The initial structure of this system largely re ected the recommendations of the Trytten Com-
mittee, initially formed in 1948 by the director of the Selective Service System, General Lewis B.
Hershey, to devise a principled method for selective defermerft. A consensus had emerged that
student deferments ought be selective, not universally applicable to all students (Flynn 1988), yet
the Committee was doubtful of its ability to select \essential” elds of study, with Trytten observ-
ing that \in retrospect it seems clear that such a decision in the past would probably have been in
substantial error” (Trytten 1952, p. 33). Instead, the Committee recommended providing defer-
ments on the basis of performance on the Selective Service College Quali cation Test (SSCQT), as
well as class standing. These deferments were only available to students studying full time, though
local draft boards did have the ability to bend these rules if they thought a particular student's
coursework merited an educational deferment (National Manpower Council 1952).

Over the 1950s, and particularly following the end of the war, lobbying from the scienti ¢ and
educational establishment to protect students from induction intensi ed, and by the end of the
decade, \there existed a system of deferring virtually all students and teachers" (Flynn 1993, p.
151). This would continue into the next decade but begin to break down once the U.S. began to send
troops to Vietnam in 1965. As draft calls increased in the 1960s in response to increased manpower
needs from the conict, the Johnson administration needed to increase the pool of men deemed
Class 1-A (available for military service) to meet induction goals. Due in part to demographic shifts
as well as the ease of obtaining a deferment, men with a Class 2-S (student) deferment had surged
from 210,693 in January 1952 to 1,834,240 in December 1965, representing 10.4% of all registered
men (Flynn 1993, p. 199). Given its size, there were increased calls to use this pool of untapped
registrants to meet manpower needs. These calls were also driven by public dissatisfaction with
class and racial bias inherent in the draft system that had emerged, with student deferments as
a focal point. After internal deliberations, the Johnson administration delivered a message to
congress detailing its plans to revise the draft on March 6, 1967, recommending the elimination of
graduate student 2-S deferments, except in health elds (Flynn 1993, p. 202).

These recommendations were solidi ed into policy with an announcement from the Selective
Service System on February 17, 1968, with the exemption of medical and dental students (Blakey
1968). As a result, incoming law students in the fall of 1968 would not be able to claim 2-S
deferment and faced potential conscription if selected by their local draft board. Executive Order

“4Authority for the draft was supplied repeatedly by Congress, in both the Selective Service Act of 1948 and the
Universal Military Training and Service Act of 1951. Implementation, however, was left explicitly to presidential
determination (Trytten 1952).

5The SSCQT was created by the Educational Testing Service (ETS) with the aim of predicting college achievement,
where several scores were targeted to match a speci c level of performance on the Army General Classi cation Test
(GCT) (Chauncey 1952). To qualify for a deferment, a graduate student would need to either score a 75 on the
SSCQT or graduate in the top half of his senior undergraduate class (National Manpower Council 1952).



11360, passed earlier in June, 1967, provided that students who had entered in the fall of 1967 and
were in their rst year of school would be deferred only to the end of that academic year, while
students in their second or third year of study would be allowed to graduate. In the lead-up to
this change, the educational establishment warned of dire consequences, with Harvard's president
Nathan Pusey claiming that his law school's enrollment of 540 would fall by half if 2-S deferments
were eliminated (Strebeigh 2009). These pressures lead to leadership suggesting changes to the
draft would change the admission strategies used by law schools. As President Pusey explained,
\Harvard law might stay full only by compromising on “quality or something'," and Congressman
John Erlenborn suggested that law schools would adopt \a policy of admitting women, the halt,
and the lame" (Strebeigh 2009). In 1969, some reporting suggests that at least some policies had
changed, with The Harvard Crimson writing that \In response to the nancial pressures of xed
costs, graduate schools are changing admission policies to favor women" (The Harvard Crimson
1969) and law school application guidebooks at the time cautioning that \the information included
for each school is for the fall term of 1967; however, it is being made available as guidelines in the
1968-69 academic year, primarily for students who will wish to enter law school in the fall term
of 1969. Because of the uncertainty of the Selective Service program, largely arising from and the
discontinuance of deferments for graduate students, signi cant changes may have occurred for a
given school in the basic size and range of admission criteria" (Coons 1967).

Using aggregate data on law school enrollment, it is not di cult to spot the impact this change
had on men in law. We collect men's full-time and part-time enroliment in all years between 1960
and 1975 from the Review of Legal Education We plot aggregate attrition in each year de ned
as percentage of students in enrolled in yeat that are not enrolled in year t + 1.6 We observe
enrollment in each year of law school, so we are able to calculate attrition between the rst and
second year as well as the second and third year of law school. These data are plotted in Figure 2.

Figure 2b plots men's attrition in full-time programs, which are impacted greatly by the policy
change. The solid black line plots attrition between the rst and second year of the program. Recall
that rst-year students enrolled in the Fall of 1967 could retain their 2-S deferment until the end
of the academic year, but would lose this deferment in the following year. We observe a spike in
attrition of around 10 percentage points in 1968 for these students, representing a large increase of
roughly 50% over baseline attrition of around 20%. The dashed gray line plots attrition between
the second and third year of the program. There appears to be a persistent cohort e ect of the
policy change, as we observe another spike in attrition in 1968 for this same group of students
as they move from their second to third year. In addition, note that there does not seem to be
any change in attrition for students enrolled in their second year of law school in the fall of 1967,
consistent with EO 11360 allowing these students to retain their 2-S deferment until graduation.

1 2
SFormally, let men's enrollment in year t cohort c be given by M. We calculate aggregate attrition as M‘M#
t
Note that this is not an exact measure of attrition, as it does not match individuals across years, but in general we

expect it to proxy this statistic very closely.



Figure 2c plots men's attrition in part-time programs, which do not appear to be impacted at
all by the policy change. In the same years where attrition increases drastically for men in full-time
programs, we see a slight decrease in attrition in part-time programs. This suggests that part-time
programs are a suitable control group that is not impacted by the policy change, which matches
the historical record. Starting with the introduction of the student deferment program in 1951,
part-time graduate students were not eligible for a 2-S deferment (Flynn 1988), which persisted
into the Vietnam era (Flynn 1993). Further, part-time students were generally more able to obtain
di erent deferments that would shield them from the draft, regardless of their 2-S eligibility.

There were several ways to avoid induction apart from enrolling in school. For one, all men
were only eligible through age 26, so aging out of the process was an option. Further, married
men and fathers could apply for a Class 3-A hardship deferment, claiming that their absence would
harm their dependents, whether that be their wife or their children. While husbands without
children received many deferments throughout the existence of the draft, they were removed from
3-A eligibility with Executive Order 11241 in August 1965. Nevertheless, having children remained
a reliable way to avoid induction through the Vietnam war (Flynn 1993).7 While anecdotal, there is
evidence that these deferments broadly shielded men enrolled in part-time law programs. Consider
this passage from a history of Golden Gate College:

The students in the evening programs were attending part-time and were already vul-
nerable to the draft. They were, however, generally older than the full-time students
and many were over draft age. Also, many were married with dependents and so would
gualify for exemption. Some were employed in vital industries. But we know that the
new policy would hit the Law School Day Division hard. (Butz et al. 2008)

It seems likely, then, that the brunt of the increased draft risk fell on full-time law programs.

3 Data and Empirical Design

3.1 Review of Legal Education

For each law school, these data are also reported separately for each type of program the school
o0 ers. Beginning in 1971, only two types of programs were used: full-time (called daytime between
1971 and 1973) and part-time. However, in earlier years, programs were di erentiated by whether
or not they were o ered in the morning or evening. Fortunately, it is straightforward to identify

the morning program that enrolls full-time students, as this is always listed rst below the name of
the institution. Following this, many schools operate an evening program, as well as many di erent
morning programs, subsuming both a separate part-time program where students take daytime
classes, as well as an additional option for students in the evening program to take daytime classes,

"There is evidence that men responded so strongly to this policy that the fertility rate increased markedly between
1965 and 1970 (Bailey and Chyn 2020).



and potentially other options we are unaware of. As a result, to construct a consistent series on
part-time enroliment, we aggregate all students not enrolled in a full-time daytime program into
one part-time enroliment category. We present a graphical description of how these categories are
grouped in Appendix Figure 2a.

We make only one sample restriction. Many programs report only a handful of students studying
part-time, so we drop all school-program-years with fewer than 10 students to ensure that part-
time observations in our dataset re ect actual part-time programs.2 To understand the variation
we are leveraging, Appendix Figure 2b plots the percentage of schools in each year that have a
speci ¢ mix of program types. Around 40% of law schools operate both a full-time and part-time
program; the remaining schools generally operate only full-time programs. In 1960, there was a
substantial number of programs that operated only a part-time program, but these programs had
almost entirely vanished by 1975. Note that this can result from part-time only programs adding
a full-time program and not attrition: of the 9 ABA-approved schools that were part-time only in
1960, all 9 were present in 1975.

3.2 Empirical Design

We utilize a uniform adoption di erence-in-di erences design of the form

52975
Yipt = Dpl(t= )+ pp+ ¢+ "ip (1)
=1960; 61967

The outcome, Yipt, gives the fraction of all 1L students who are women at institution i in program
pinyeart. Dy is an indicator for whether program p is full-time, re ecting exposure to the policy
shock, which is interacted with a set of year dummies omitting the year before the policy change,
1967. Our parameter of interest, , captures the di erence in the percentage of women enrolled
across full-time and part-time programs relative to 1967. If law schools increased female share of
their student body in response to increased draft risk following the removal of 2-S deferments for
law students, we would expect that 1968 > 0, and we estimate  through 1975 to test for dynamic
responses to the policy. Our empirical design is valid under the parallel trends assumption that the
proportion of students in full-time programs follows the same trend as the proportion of students
in part-time programs in the absence of a policy change. We estimate pre-period coe cients back
through 1960 to test whether this assumption was met in the years before the policy change. We
include institution-by-program xed e ects, p, to account for time-invariant di erences in school's
preferences over the gender mix of enrollees, as well as year xed e ectsto account for year-to-year
changes in the aggregate proportion of law students who are womeh.

8Schools reporting, say, only one or two students studying part-time likely re ect students in the full-time program
who moved to a part-time course of study after matriculation.

®There has been much work improving the validity of di erence-in-di erences designs in the presence of staggered
adaption of treatment (Goodman-Bacon 2021), continuous treatment variation (Callaway et al. 2024), and in situa-

10



Our baseline speci cation includes all institution-program-years to estimate the impact of the
change in 2-S status of men in law school across all exposed programs. In addition, we consider
two di erent models to guard against potential alternative explanations for the results that we
nd. First, since the mix of programs within institution is endogenous, it might be the case that
programs o ering full-time and part-time programs dier in a way that leads to heterogeneous
responses to the policy of interest that are unrelated to program o erings. To rule this out, we
consider a restricted design that includes only institutions o ering both full-time and part-time
programs so that treatment and control are comprised of the same set of institutions. This also
results in a \matched" sample where treatment and control groups are comprised of the same
set of institutions. However, such a comparison is vulnerable to potential spillovers between the
treatment and control groups. So, we also implement a separated design where there is no overlap
in institutions between the treatment and control group. To do this, we assign all institutions
operating a law school with only a full-time program to the treatment group and all part-time
programs to the control group.

We cluster standard errors at the level of treatment (Abadie et al. 2022), which corrects for serial
correlation within institution-program across time (Bertrand et al. 2004). Since the variance of our
outcome depends on the size of the denominator, we weight by the number of students in each
program to reduce heteroskedasticity and improve precision. Unfortunately, these econometric
concerns are in tension, as weighting by the number of units in a group can actually increase
heteroskedasticity in the presence of clustered errors (Dickens 1990; Solon et al. 2015). Since our
clustered errors are robust to heteroskedasticity, this is not a concern in the limit, but we consider
several alternative approaches to weighting and clustering in our robustness checks in the appendix
to ensure that our results are not sensitive to this decision.

To summarize our event study results, we also report estimates from a di erence-in-di erences
design of the form:

Yipt = pipDpl(t> 1967)+ jp + + "ipt (2

Here, pip is our coe cient of interest, reporting a weighted average of the event study coe cients
from equation (1) to provide an estimate the impact of the policy change across the entire post-
period.

tions when the parallel trends assumption holds only conditional on covariates (Sant'/Anna and Zhao 2020). Since our
design exhibits none of these features, a simple two-way xed-e ect estimator will properly recover the year-speci c
average treatment e ect on the treated.
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4 Results

4.1 Dierence-in-Di erences Results

Figure 3a plots the estimates from equation (1), and summary di erence-in-di erences estimates
from equation (2) are reported in the rst row of Table 1. In the years leading up to the policy
of interest, we see slight evidence of a negative pre-trend, suggesting that full-time programs were
enrolling fewer women than part-time programs over time, though none of the event coe cients
are statistically di erent from 0. Starting immediately in the fall of 1968, following the change in
2-S deferment status for law students earlier that year, we see a large, discrete jump in the fraction
of students at full-time programs that are women, relative to part-time programs. There is an
immediate treatment e ect of around 2 percentage points, representing a 45% increase in women's
representation over a baseline value of 4.4%. In the aggregate, the fraction of all full-time students
that are women rises from 4.4% to 7.4%, so increased draft risk can explain around two-thirds
of the rise in women's representation in full-time programs. Our di erence-in-di erences estimate
across the rst 5 years after the policy change is almost identical, suggesting that these gains are
maintained but do not increase in the following years, consistent with attrition returning to its
secular trend in the years after 1968. We nd that the pattern of these results does not change in
either of the alternative comparisons we consider in model 2 and model 3.

The primary threat to identi cation in this design is that concurrent changes in men's demand
for legal education could be driving our results. If admission policies remained unchanged in
response to increased draft risk, a resulting drop in men's enrollment would mechanically drive
an increase in women's representation, even if women did not acquire increased access to legal
education. To rule this out, we consider a secondary design to verify that we are measuring an
increase in women's enrollment and not simply a decline in men's enrollment. The empirical design
is given by:

32975
Yipt = Dpl(t= )+ Eipp+ ip+ t+ "ipt (3
=1960; 61967

The outcome Yj,: is now the number of women enrolled at institution i in program p in year
t. We include a control for the total number of students enrolled, Ejp, to adjust for di erential
enrollment sizes across institutionst® Event coe cients and xed e ect remain identical to those
included in equation (1), and we summarize the estimates from this design with a similar summary
di erence-in-di erence speci cation:

Yipt = pip Dpl(t> 1967)+ Eipt + ip+ t+ "ipt (4)

0several recent papers have documented issues that may arise when time-varying covariates are included in a
TWEFE di erence-in-di erences design (Caetano and Callaway 2024; Karim and Webb 2024). Appendix Figure 6
demonstrates that these results are (largely) robust to an entropy weighting design where, instead, treatment and
control groups are balanced on enroliment size in 1967.
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The results from this exercise are plotted in Figure 3b, and summary di erence-in-di erences es-
timates from equation (4) are reported in the second row of Table 1. We nd a sharp increase in
women's enrollment of 4 seats in 1968, which grows over time re ecting the slight drift upwards of
the treatment e ect estimated in Figure 3a as well as the 32% increase between 1967 and 1975 in
the average size of a full-time program in our dataset. While it is likely that men's enroliment also
declined as a result of increased draft risk, these results imply that the drop in men's enrollment
was at least partially o set by an immediate increase in women's enrollment.

Of secondary concern is confounding driven by concurrent changes in women's demand for legal
education. Any concerning variation would shift women's demand for full-time legal education
relative to part-time programs. It is plausible that the introduction of the pill, in giving women
better control over the timing of family formation, could lead to a change on this margin, as it is well
known to have increased women's attainment of professional degrees (Goldin and Katz 2002). To
adjust for this potential confounder, we consider a design that includes state-by-year xed e ects

st to absorb changes as states liberalized access to oral contraception in di erent years. These
results, presented in Appendix Figure 7, can safely rule out the role of the pill in driving changes in
women's enrollment, as our results are very robust to including state-by-year xed e ects. We also
collect aggregate statistics on LSAT administration between the 1966-67 and 1969-70 law school
application cycles to test directly for unusual changes in the number of women (or men) and the
fraction of students sitting for the exam who are women, as well as changes in the average LSAT
score by sex that might indicate a change in the aggregate quali cations of law school applicants.
All statistics are detrended using estimates of application cycle and monthly xed e ects, and we
use a standard z-test to test for changes in mean LSAT score and outlier detection techniques from
Belotti et al. (2024) to test for changes in test taking behavior|these procedures are described in
detail, along with our results, in Appendix Section C. We nd little evidence to suggest that there is

a policy-induced response in women's test taking behavior a ecting average LSAT score (Appendix
Figure 25), the number of women registered for (Appendix Figure 30) and taking (Appendix Figure
27) the LSAT, the fraction of students registered for (Appendix Figure 32) and taking (Appendix
Figure 29) the LSAT who are women, as well as the absence rate (registered but did not attend)
for women (Appendix Figure 33).

These results survive a battery of robustness checks, which are described in the Appendix. We
show that our results persist across multiple di erent sample and speci cation de nitions. We nd
similar results after restricting our sample to ABA Approved programs (Appendix Figure 9), as
well as all programs that obtain ABA approval by the end of our sample period (Appendix Figure
10). We also nd similar results after restricting our sample to a balanced panel, whether or not
that panel is balanced at the institutional level (Appendix Figure 11) or the institution-program
level (Appendix Figure 12). We drop institution-program-years that enroll less than 10 students
to improve precision; Appendix Figures 13 and 14 show that our results are not sensitive to the
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size of this restriction and are una ected by dropping institution-program-years with less than 20
and 50 students, respectively. Appendix Figure 20 shows similar e ects after excluding schools
in the south, ruling out that these results are driven by north-south di erences. Building on the
inclusion of state-by-year xed e ects discussed earlier, Appendix Figure 8 presents results with
city-by-year xed e ects to rule out any idiosyncratic variation that might be occurring at the this
level. This results in signi cantly more variation, especially in the more restricted models 2 & 3,
but the results from model remain essentially unchanged.

We also show that our results do not depend substantively on our choices about weighting,
clustering, or alternative ways to assign treatment. As Solon et al. (2015) recommend, we present
results for speci cation (1) without weights in Appendix Figure 15a. The pattern of event coe -
cients remains the same, but our results are attenuated, as we would expect from not correcting
noisier outcomes from smaller programs. As we remove smaller programs from this sample in gures
15b and 15c, our estimated di erence-in-di erences estimate for model 1 increases markedly, which
is also consistent with this hypothesis. To correct for the potential correlation across time that
weighting can induce (Dickens 1990), our baseline design clusters standard errors at the institution-
program level|these results are also plotted in Appendix Figure 17 with 95% con dence bands
plotted for all models. We allow for potential covariance across time within institution (Appendix
Figure 18) as well as state (Appendix Figure 19), which does not seem to impact precision much;
most importantly, we nd a statistically signi cant 1968 event coe cient across all models and
choices of clustering. Finally, Appendix Figure 16 presents an identical set of results where weights
are xed at total enrollment in 1967, and Appendix Figure 21a xes program mix at its 1967 value
to assign treatment status. These exercises allow us to rule out that endogenous changes in either
total enrollment or program mix could be driving our results.

In addition to increases in rst-year enrollment, we might be interested in whether or not
these students persist through later years in the progrant! We explore these auxiliary outcomes
in Appendix Figure 36, and di erence-in-di erences estimates are presented in Sections 2 and 3
of Table 1. Each design uses a similar speci cation to (1), where the outcome is de ned as the
fraction of 2L (3L) students who are women, and the regression is weighted by the total 2L (3L)
enrollment. Appendix Figure 36a, which presents results for second year students, appears odd on
rst glance|all three models show a slight increase in the fraction of women enrolled in the second
year in 1968, one year before we should see a causal e ect. This is not a statistical artifact but
actually re ects the impact of increased attrition for men between years 1 and 2 we saw in Figure
2b.12 Then, in the following year (1969), we see a sharp increase in the event coe cient, re ecting

“Ideally, we would like to observe whether or not these students graduate, or even better, pass the bar exam
upon graduating. However, bar exam passage rates are not reported at all during sample period, and the number
of graduating men and women is only reported starting in the 1970 Review of Legal Education. Even persistence to
the last year of the program is di cult to measure in a comparable way, since programs can di er in years of length
across program type. Accordingly, we opt to use persistence to 3L as our main proxy for graduation.

2 Appendix Figure 38 replicates Figure 2 for women to con rm that there is no corresponding jump in attrition
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women's increased 1L enrollment in 1968 translating into the following year. The di erence between
the 1969 and 1968 event coe cients [0.025 (0.008)] is slightly higher than the 1968 event coe cient
in the 1L design [0.022 (0.005)], suggesting that di erential attrition between men and women did
not attenuate the policy impact. Appendix Figure 36b presents results for third year students. It

is a bit more di cult to parse responses across years: the diminished event coe cients relative to
Appendix Figure 36a suggest that attrition between years 2 and 3 might have mattered, though
the di erence-in-di erences coe cient for model 1 is essentially identical across 1L and 3L results,
suggesting that over time any existing di erential attrition dissipated.

4.1.1 Medical Schools as a Comparison Group

Our primary di erence-in-di erences design uses the trend in women's enrollment at part-time law
schools as an estimate of how women's enrollment at full-time programs would have evolved in the
absence of the policy change. The primary weakness of this design is that there is the potential for
spillovers across programs, especially within the same school. Our third speci cation, eliminating
overlap between treatment and control groups, avoids some of this issue, but the movement of
men from full-time programs to part-time programs within institution would still push our point
estimates upwards without any meaningful change in women's enrollment. This could happen
as a result of the same incentives our design relies on: to reduce uncertainty in tuition revenue,
admissions committees would be incentivized to move men highly exposed to the draft into part-
time programs.

Accordingly, we consider a complementary design using medical schools as a comparison group.
Medical students remained eligible for a student deferment in 1968, meaning that they remain
untreated, and since law and medical schools are administered separately within institution, the
incentive to shu e enrolled men around programs is not present. Just as with part-time programs,
we can look to see how men's attrition changes across time to validate the assumption that medical
students are insulated from the draft. To do this, we collect data on enrollment at the institution-
year-sex level fromMedical School Admission Requirementsbetween 1966 and 1968. For cohorts
entering in 1966 and 1967, the change in men's attrition between year one and year two for medical
schools is -.09 percentage points, compared to a 9.6 percentage point increase at law schools.
We obtain institution-by-year data on the fraction of new medical students who are women from
Helgerman (2025)*2 The exact statistic varies slightly across time: before 1966, this is the estimated
number of new entrants in the spring before students enter in the fall; in 1966, this is rst-year
students; and after 1967, this is new entrants in the fall'* These data sources are compiled to

between years 1 and 2 for women.

BThere is a subtle distinction between rst-year students and new entrants in medicine. New entrants comprises
all students entering the institution, whereas rst-year students also includes students repeating the rst year.

1n years in which these variables are both observed, they are highly collinear. See Helgerman (2025) for a detailed
discussion of dataset construction.
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construct a data series between 1960 and 1970. Since medical schools are impacted by the threat
of enforcement action from Executive Order 11246 in 1971 (Helgerman 2025), we do not consider
years after 1970.

As before, we utilize a uniform adoption event study design of the form

5970
Yidt = Dal(t= )+ g+ t+ "iat 5)
-1960: 61967

The outcome, Yiq:, gives the fraction of all rst-year students (de ned as noted before) who are
women at institution i in discipline d 2 f law; medicineg in year t. Dy = 1(d = law) indicates
exposure to the policy shock. To improve comparability, we include only ABA-Approved full-
time law programs, as medical schools only operate accredited full-time programs. Our baseline
speci cation includes institution-by-discipline xed e ects, iq, as well as year xed e ects, ¢, and
we consider two additional designs (analogous to M2 and M3 in Section 3.2) to narrow the set of
comparisons to guard against di erences in how di erent institutions may be operating. First, we
restrict to a \matched" sample that includes only institutions operating both a law school and a
medical school. Separately, in a third model, we restrict to the set of law schools operating only
a full-time program. Since medical schools do not operate part-time programs, this comparison
precludes substitution of men across full-time and part-time programs. Finally, as before, we cluster
standard errors at the institution-by-discpline level and weight by total rst-year enroliment. To
summarize our event study results, we also report estimates from a di erence-in-di erences design
of the form:

Yigt = pip Dgl(t> 1967)+ g+ ¢+ "iat (6)

The results from this design are presented in Figure 4. Our baseline di erence-in-di erences
estimator is remarkably similar to our estimate in Figure 3a; we estimate that the policy change
resulted in a 3 percentage point increase in women's representation. The event study coe cients are
very similar across models, and relative to Figure 3a the event study presents more stark evidence
of a response in 1968. For all models, the event coe cient in 1968 is slightly below 0.04, implying
that women's representation approximately doubled over the 1967 baseline. As before, one clear
concern for this design is that this increase might simply represent changes in men's enrollment.
Not only are men entering law school in 1968 subject to draft risk, but we might also worry that
men's demand for medical education increases relative to other health professional programs, as the
student deferment was maintained. To rule this out, we consider a secondary design of the form:

5970
Yidt = Dgl(t= )+ Eigt+ id+ t+ "iat (7)
=1960; 61967

The outcome Yjq; is now the number of women enrolled at institution i in discipline d in year
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t. We include a control for the total number of students enrolled, Eiq;, to adjust for di erential
enroliment sizes across institutions. Event coe cients and xed e ects remain identical to those
included in equation (5), and we summarize the estimates from this design with a similar summary
di erence-in-di erence speci cation:

Yigt = pipDgl(t> 1967)+ E gt + g+ t+ "iat (8)

The results from this exercise are plotted in Figure 4b. This design con rms that there is in fact
a strong response in women's enroliment in 1968, suggesting that our results are not driven solely
by changes in men's enroliment behavior.

4.1.2 Heterogeneity

Having demonstrated robustness of our main result across a number of checks as well as an alter
native design, we return to our main design to characterize heterogeneity of the policy response.
The key metric of heterogeneity that we seek to understand is how this shock translated to gains
for women across the law school reputation (and thus market power) distribution. Of interest is
whether or not this shock allowed women to access highly ranked law schools, or whether their ac-
cess was limited to institutions with lower prestige. It is easy to imagine that institutional responses
could be higher at both the upper and lower end of the reputation distribution. To x ideas, we
develop a simple model of the admission committee's decision in Appendix Section B. We consider
an admissions committee selecting which applicants to admit to meet a xed enroliment constraint.
The committee would like to maximize it's average (unidimensional) matriculant credentials less a
convex cost term that bites for enrolling a high fraction of women relative to other programs.

Assuming that draft risk is orthogonal to applicant credentials, each program will expect to
lose a certain proportion of matriculants that it will need to replace. The degree to which the
admissions committee is incentivized to enroll more women depends on the drop in average student
credentials it would face by lowering the admissions threshold for men. Accordingly, the magnitude
of the institutional response should be determined by the density of men applying who are at
the margin for acceptance. If there are many applicants who have credentials at the margin, the
admissions committee will not feel much pressure to enroll more women. More precisely, this
response will depend on the enrollment elasticity of men's credentials. If marginal credentials
decline sharply with increases in men's enrollment, the marginal bene t of enrolling relatively more
women must be higher. This implies that we would expect to see a stronger response from more
prestigious programs. If we assume that all schools are drawing from students on the right side of
a normal LSAT distribution, for example, it follows immediately that this elasticity will be higher
for programs with a higher cuto score.

On the other hand, this result assumes that the reputation cost of enrolling a high fraction
of women is homogenous, re ecting a shared (discriminatory) norm. If, instead, we used a taste-
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based discrimination model, where the utility cost was higher are more prestigious institutions,
conditional on having the same drop in applicant credentials, more prestigious programs would
enroll relatively fewer women. Put together, the predicted impact would be ambiguous, depending
on the strength of each channel.

Constructing a measure of law school reputation in the 1960s is not a trivial task, since modern
ranking systems, like U.S. News, did not exist yet, let alone more sophisticated revealed preference
measures (Rothstein and Yoon 2024). In fact, the idea that the reputation of graduate and profes-
sional programs could be measured through faculty surveys was just developing in the mid-1960s,
with the 1966 Cartter Report being the rst to publish a ranking collected in this manner (Cartter
1966). Unfortunately, these early rankings generally do not include professional programs. Several
studies in the 1970s applied this approach to professional schools (including law) but they generally
only report a subset of \top" programs, with a cuto varying across studies (Blau and Margulies
1974; Margulies and Blau 1973). Further, there is a clear endogeneity concern that, as these ranking
systems became more common, programs might manipulate the inputs to boost their standing.

Accordingly, to construct a useful measure of program reputation, we leverage the result in Blau
and Margulies (1974) that estimated law school reputation is highly correlated ¢ = 0:86) with the
number of books in the program's library. This proxy for prestige has several advantages. First
and foremost, it is directly observable for almost all programs in our sample. Beginning in 1969,
the American Bar Association began an annual survey of law libraries to collect statistical data on
their operation, including the number of volumes held by each library. We collect this information
from the inaugural Fall 1969 survey (Lewis 1969). In addition, we are able to obtain a measure
of prestige very close to our event year of 1968; by contrast, U.S. news only begins publishing a
ranking for law schools in 1990 (Rothstein and Yoon 2024).

We test for heterogeneity using a continuous di erence-in-di erences design, following Callaway
et al. (2024). Our outcome of interest remainsYip, which gives the percentage of students that
are women enrolled in programp in institution i in year t. We consider the change in this variable
between 1967 and 1968, given b¢ Y; , to focus on identifying heterogeneity in this response across
the continuously distributed log number of volumes in the law library at institution i, given by V; .1
Our key causal parameter is the average treatment e ect for full-time programs with log volumes
V, given by

ATT(VjV) = ELY; =run it=1068 (V)  Yi; =rFull ;t=1068 (0)jVi = V] (9)

It is important to emphasize that we are not identifying the causal response in response to an
increase in institutional prestige.l® Rather, we are characterizing the way in which the causal

response to the draft shock varies across the prestige distribution, as proxied by log volumes.
Additionally, Y =ru =106 (0) denotes the outcome for institution i if it were untreated by the

BWe utilize the log number of volumes as the number of volumes has a right skew distribution.
18 This would correspond to the average causal response parameter in Callaway et al. (2024).
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policy change, not the outcome if institution i had an empty library.

To identify ATT (VjV) as a continuous function ofV, Callaway et al. (2024) recommend esti-
mating the average change in outcomes among an untreated grouf£[4 Y; jD = 0]), then using
the rst-di erence transformation 4Y; E[4Y; jD = 0] as the outcome of a exible regression
on V. Given that we have 136 observations, we opt for a parametric regression on a cubic in log
volumes, given by

x3
4Y; = +1fD =1g  (VK+ " (10)
k=0
Our comparison group remains all part-time programs whereD = 0, and we estimate the mean
response in this group simultaneously with the constant term to ensure this uncertainty is re ected
in our standard errors. We correct for heteroskedasticity by weighting by rst-year enrollment in
1967 and estimating heteroskedasticity-robust standard errors.

The results of this exercise are plotted in Figure 5a, where we plot point estimates AT T (VjV)
as well as pointwise and uniform con dence bands, where the latter are calculated using the method
proposed in Montiel Olea and Plagborg-M ller (2019). These results suggest that the causal re-
sponse is almost piece-wise linearly related to our prestige measure. Institutions around the top
half of the log volume distribution increase their share of enrolled women by around 4%,; this re-
sponse then falls as we consider lower prestige programs, and we cannot rule out a non-response by
institutions near the bottom of the distribution. The magnitude of the response from prestigious
institutions is striking: relative to the baseline proportion of women at 4.5% in 1967, this represents
an approximate doubling of representation, a rming that women were able to access highly ranked
programs.

We complement this with a more direct measure of institutional selectivity. The rst Pre-Law
Handbook published during the 1968-69 academic year, reported a variety of statistics to help
prospective students with the application process. Among these are the number of applications
led for each school and the number of acceptances issued, both measured in the 1967-68 academic
year.l” We utilize these to construct the applicant-to-acceptance ratio (the inverse of the acceptance
rate), which is increasing in measured selectivity. We also opt for a log transformation for this
variable to consider variation in percentage changes in the number of students per admission slot
across programs. We nd strong support for an increasing relationship between selectivity and the
response to the draft shock, plotted in Appendix Figure 5b, though this looks far more linear across
our measure of selectivity, with substantially less precision among highly selective schools.

" The preface to the data contained in this handbook provides an interesting piece of evidence for the impact of
the draft on law school admissions: \The information included for each school is for the fall term of 1967; however,
it is being made available as guidelines in the 1968-69 academic year, primarily for students who will wish to enter
law school in the fall term of 1969. Because of the uncertainty of the Selective Service program, largely arising from
and the discontinuance of deferments for graduate students, signi cant changes may have occurred for a given school
in the basic size and range of admission criteria. The reader must be somewhat cautious in interpreting those areas
of the data relating to number of students, admissions and class sizes" (Coons 1968).
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Another natural choice for measuring selectivity would be the average LSAT Score or Under-
graduate GPA of entering students, but there are several issues with these metrics. For one, the
LSAT was not nearly as central to the admissions process as it is today|the vast increase in demand
for legal education in the late 1960s and 1970s resulted in higher use of the LSAT by admissions
committees (Kidder 2003)18 In addition, the rst report of these statistics (that the authors are
aware of) at the program level is in the 1969-70Pre-Law Handbook Consequently, we can only
measure this for the 1968-69 incoming class, where scores may have been a ected by the change
in draft deferment policy. Further, many schools did not opt to share scores, and for those that
did, we only can observe counts within a set of score bins, necessitating an imputation of average
score. Accordingly, while we prefer our measures of prestige and selectivity, we also report results
for (imputed) average LSAT Score, Undergraduate GPA, and their composite in Appendix Figure
2319 Our nding of a positive relationship between selectivity and the institution-speci ¢ ATT is
strongly robust to all three of these measures.

In Appendix Figure 24, we also look at heterogeneity by program size.Ex ante, it is unclear
whether or not we would expect a stronger response from larger programs. Expected loss of tuition
revenue would higher for these schools, but the variance of this loss would be lower, and there
should be no di erence of lost revenue as a fraction of total revenue. Appendix Figure 24a plots
estimates of equation 10 whereV has been replaced with total rst-year enrollment in 1967. We
nd evidence of a stronger response from larger programs, similar in shape to our estimate of
heterogeneity in LSAT/UGPA composite score in Appendix Figure 23c, which may re ect the fact
that more prestigious programs tend to also be larger. Since total enrollment in 1967 is included
in both the outcome and weights for this result, we also look at heterogeneity in the number of
full-time faculty members in 1967 (Appendix Figure 24b) and the estimated number of full-time
equivalent faculty in 1967 (Appendix Figure 24c), as the number of faculty members is another
indicator of program size that is not mechanically related to enroliment°

4.2 Cross-sectional Measured Attrition

As displayed in Figure 2, just over 20% of the class matriculating between 1960 and 1966 did
not make it to the second year of law school. This gure spiked by about 50% for students
matriculating in 1967 who became unexpectedly exposed to draft risks. This increase in attrition

81n fact, as Kidder (2003) notes, survey evidence from the 1960s indicates that admissions committees tended to
weight undergraduate GPA more highly than LSAT Score (Lunneborg and Radford 1965).

1%The composite score is given by (12) LSAT+ (1 =2) (200 UPGA), inspired by the observation in Lunneborg
and Radford (1965) that this transformation of GPA has approximately the same average and spread as the LSAT
distribution.

XTo estimate full-time equivalent faculty we use the equation (1 =3) f # Part-Time Faculty g +
f# Full-Time Faculty g. This is based on Table 6 in Dunham and Wright (1962), which presents counts of all
part-time and part-time equivalent faculty at rank instructor and above in the rst term of the 1961-62 academic
year across all institutions of higher education. The ratio of full-time equivalent part-time faculty to the number of
part-time faculty is very close to 1/3 (0.337).
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was not evenly spread across institutions and very likely unexpected from the perspective of an
admissions committee enrolling the incoming Fall 1967 class in the 1966-67 academic year. Full time
programs that had a larger than expected attrition rate in 1968 would face a larger loss of tuition
revenue for second year students, and, we posit, would therefore be more likely to enroll a higher
share of women. Accordingly, this section presents a second empirical approach that leverages
plausibly unanticipated di erences across programs in attrition between the rst and second year
of the program.

For each program at institution i in yeart 2 f 1961 :::;1967, we estimate the share of
attrition of the rst-year class that is unanticipated between year t and yeart + 1. We restrict to
institution-program-years where enrollment is observed throughout a 6-year pre-period observation
window.?! Letting a;; denote the fraction of rst-year students in year t 1 that do not enter the
second year in yeart, we assume that expected attrition is given by:

Ela:t +1jAix =" + Ai; (t+1) (11)

Where A+ denotes the history of attrition for program  at institution i as of yeart. (" ; ’\i; )
are estimated by tting attrition over the past 6 years to a linear model. Then, E[a; t +1JAi:t ]IS
estimated by extrapolating this trend into the next year.

Under this model, the unexpected portion of attritionisdenedas Si. .t +1 = &t +1  E[&it +1jAi 1 ];
so that S;. .t +1 > O indicates the program experienced steeper enrollment loss in year 1 than its
pre-period trend would have implied|consistent with draft-induced male departure from full-time
programs. To make the shock comparable across programs that di er in baseline attrition volatility,
we standardizeS;.  +1 by ?i; ;t, the standard deviation of within-program residuals over the pre-
period estimation window, to construct S;:  +1 = S'Al‘itl The scaled surpriseS;. .+ +1 measures the
1968 attrition shock in units of each program's typiéél pre-period forecast error, so that programs
with historically volatile attrition receive less weight as signals of the draft's enrollment impact. To
test that the forecasting model in equation (11) is correct in expectation, we can test whether the
standardized residualsS; + +1 are mean O between 1963 and 1967: we are unable to reject the null
that E¢[S;..t +1] = 0 with p-value 0.26.

First, we show that 1968 was indeed a surprising year for attrition in full time programs (but
not part time programs) and characterize the cross-sectional patterns of this surprise attrition.
Figure 6a plots the average value ofS;. .+ +1 by year and program type between 1963 and 1975.
We nd that that the average forecast error in 1968 is about 3 times as large as the next largest
value of surprise attrition, and more than 3 times the standard deviation of the forecast error in
the trailing years between 1963 and 1967. While in most years we are unable to distinguish the
reason for student attrition between their rst and second years, for students matriculating in 1966,
1967, and 1968, we have data on students who were asked not to return for academic reasons from

2170 do this, we extend our dataset back through 1955 using data from the Review of Legal Education.
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the Pre-Law Handbook Figure 6b shows that the two years adjacent to the surprise change in
draft policy (students matriculating in 1966 and 1968), the academic dismissal rate hovered around
10% of the class and comprised around 40 and 45% of observed attrition. For students entering
in 1967, the academic dismissal rate remained near 10% of the class, while non-academic attrition
dramatically increased, a pattern one would expect to see based on the increased draft risk.

Figure 6c¢ plots the women's share of rst-year enrollment for full-time programs in the top and
bottom quartiles of the 1968 attrition surprise S;.. 196s. The two groups track each other closely
before 1968; beginning with the fall 1968 entering class, women's share at high-surprise schools rises
above that at low-surprise schools, and the gap of roughly 4 percentage points persists through 1975,
the end of our enrolliment sample. This is the school-level pattern the reference-dependence model
in Figure 5 predicts: the shock permanently raised exposed schools' baseline share of women, so
the 1968 response did not revert once draft pressure ended.

Figure 6d looks more closely at the distribution of unanticipated attrition across schools. We
plot this against our preferred measure of institutional prestige, nding that the two are uncorre-
lated. Figure 6d plots our estimates for 1968. Unlike previous years, we see substantial variation in
unanticipated attrition; though there is one outlier, this is also driven by shocks that occur across
many institutions. Further, this is positively correlated with prestige, providing a clear rationale
for the heterogeneity results in the previous section.

We utilize this measure of unanticipated attrition to construct a second estimator of the impact
of the change in draft deferment rules. Instead of relying on parallel trends, we argue that unan-
ticipated attrition is plausibly exogenous, allowing us to recover the causal response of women's
enrollment via ordinary least squares (OLS). We restrict our sample to full-time programs, which
are directly a ected by the change in deferment rules, and adopt an empirical design of the form:

Yit = + Sy + Xi0 + it (12)
Our outcome of interest is i Yi.+  Yit 1, wWhich gives the one-year change in the share
of women in the rst-year (1L) class at program i. is our coe cient of interest, X; is a vector of

institutional controls, and all regressions are weighted by enrollment size.

We begin by estimating equation (12) in 1968; our estimates” are reported in Table 2a. Col-
umn 1 reports estimates from our baseline speci cation consisting of a bivariate regression with no
institution controls: we nd that a one-standard-deviation increase in the standardized attrition
shock, interpretable as a program's 1968 attrition exceeded its predicted trend by one pre-period
standard deviation, is associated with a 0.21 percentage point increase in women's 1L share, sig-
ni cant at the 1 percent level. It is important to note that this is a di erent causal estimand than
that reported in Section 4.1. Here, we are measuring the change in women's enrollment in response
to unexpected attrition between years one and two, whereas our di erence-in-di erences design
captures both responses to unexpected attrition as well as anticipated changes in men's rst-year
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enroliment in 1968.

This estimate is stable across all robustness checks. Controlling for law school prestige via
library volumes (Column 2) leaves the coe cient essentially unchanged at 0.19 pp, with the modest
sample reduction from 121 to 113 re ecting data availability rather than a substantive shift in the
relationship. Winsorizing S;. + at the 1% to remove the in uence of outlier shocks (Column 3) yields
a slightly larger estimate of 0.25 pp, also signi cant at the 1 percent level. Column 4 con rms the
result using the raw, unscaled attrition residual; the larger coe cient re ects the change in units
rather than a change in the underlying relationship. Dropping the program-speci c linear time
trend from the pre-period prediction (Column 5) reduces the R? from 0.127 to 0.045, consistent
with the trend capturing meaningful variation, but the coe cient remains signi cant at the 5
percent level and is nearly identical in magnitude to the estimate in Column 1. Column 6 applies
the same speci cation to part-time programs, whose students were generally older and carried lower
draft exposure. Interestingly, this yields a coe cient of roughly the same magnitude. In principle,
there is no reason why a part-time program exposed to a draft-driven positive attrition shock would
not also substitute towards enrolling women; our di erence-in-di erences design depends more so
on the assumption that part-time programs did not experience these shocks, as evidence by Figure
6a. It is likely this lack of variation that explains why our estimate in column 6 is statistically
indistinguishable from zero.

Table 2b probes whether the 1968 result re ects a pre-existing relationship between attrition
surprises and female enroliment growth. We apply the baseline speci cation to each year between
1963 and 1967 to test whether, before 1968, unexpected attrition would impact women's enroll-
ment. This exercise yields coe cients ranging from -0.0012 to 0.0004, all small relative to the 1968
estimate and none approaching conventional signi cance levels. Th&? values are uniformly negli-
gible, indicating that attrition surprises carry essentially no predictive power for female enroliment
changes in the pre-draft period. This absence of a pre-1968 relationship rules out the possibility
that the core result is driven by a structural tendency for programs experiencing unexpected attri-
tion to di erentially admit women, and supports interpreting the 1968 estimate as a response to
the draft rather than a latent feature of the data.

5 Translating Enrollment to Employment Outcomes

As shown above, the draft changed the composition of those who attended law school. In this
section we show that this propagated into the practicing bar.

5.1 Data

Our primary data source is the Martindale{Hubbell Law Directory, a set of annual volumes that, for
much of the twentieth century, served as thede facto national roster of lawyers in the United States
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and Canada. First published in 1868, the directory expanded to provide yearly systematic listings of
attorneys and law rms, organized in a \Geographical Bar Register" that proceeded state by state,
and then city by city, across the country. Within each locality, Martindale{Hubbell recorded the
names of rms and individual practitioners, along with their o ce addresses, contact information,
and (for many entries) peer-reviewed ratings of professional ability and ethical standards. It also
includes a \Biographical Section," which contains longer paid pro les for selected lawyers and rms.
We provide representative scans of the Geographic Bar Register in Appendix Figures 3 and 4

Researchers have recognized the value of Martindale{Hubbell directories for studying the legal
profession. The American Bar Foundation relied on Martindale{Hubbell listings to construct the
o cial counts of U.S. lawyers in its Lawyer Statistical Reports between 1951 and 2005 (American
Bar Foundation 2005). More recently, empirical studies have used the directories to analyze the
evolution of law rms, mobility of lawyers, and the role of reputation ratings in professional markets
(Chilton et al. 2024; Farhang 2006; Partow 2023). We produce new data on lawyers for our time
period of interest by digitizing hundreds of previously unstudied volumes, processing the images
using optical character recognition, and creating machine readable data from this structured text;
Appendix A details the digitization pipelines for both sections. Our use of the Martindale{Hubbell
volumes builds on this tradition and signi cantly extends it by leveraging the directories' com-
prehensive coverage to examine the distribution of lawyers across geographies and organizational
settings.

We use the 1965, 1970, 1971, 1972, 1974, 1975, 1976, 1981, 1987, 1991, 1996, and 2000 edi-
tions, drawing speci cally on the Geographical Bar Register. Contemporaneous writing indicates
that more than 90% of practicing lawyers are listed in the Geographical Bar Register during this
time period (York and Hale 1973). Importantly, this data includes information on where nearly
every lawyer attended law school and when they were rst licensed. We also make use of the less
representative (biased towards private rms) but more detailed data in the \Biographical Section."
Firms could pay to advertise in this section, generally reporting extensive information on lawyers
at the rm to signal service quality. This allows us to measure additional information, including
the year of law school graduation (which often, but not always, aligns with rst licensure), his-
tory of military service, position at a particular rm, and birthdate. Throughout, we exclude the
directory's foreign-lawyer roster, its U.S. Patent O ce cross-index (which duplicates listings from
the main state registers), and duplicate listings of the same lawyer across localities (keeping the
primary listing).

The directory does not typically record sex. Many ambiguous names are, however, given a par-
enthetical courtesy title (Mrs./Ms./Miss/Mr.), which we use when available. When not available,
we impute sex from rst name using the Social Security Administration national name{sex{year
frequencies. For each lawyer, we take the rst usable name token and calculate the birth-decade-
speci ¢ probability that a child born with that name is female. This is classi ed as a female name
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if this probability exceeds 90%, a male name if this probability is less than 10%, and unclassi-
ed otherwise. Over 90% of observed lawyers are unambiguously classi ed under this relatively
conservative procedure.

5.2 The Draft's Footprint in the Practicing Bar

The enroliment results in the previous section establish that the 1968 deferment change pushed
women into full-time law programs. The draft evolved into a lottery system in the next year, with
lotteries held in every year between 1969 and 1972, before the end of the draft in 1973. While
not the focus of our approach so far, it is very plausible that this lottery, as well as the earlier
change in deferment rules, both impacted men's careers in law. This section traces these shocks
into the profession itself, using the Martindale{Hubbell directories described above. We proceed
in the order of the draft's logic: rst the men it removed, then the women who entered and what
became of their careers.

5.2.1 Drafted Men: Cross-Cohort Evidence

Figure 7a shows the draft's rst-order e ect on the male side of the profession. Using the year of law
school graduation and the graduate's age (implied from date of birth) obtained from Biographical
Section of the 1981 directory, we count men who graduated \on time" at ages 22{26, by graduation
year, and t a quadratic trend, excluding the disrupted years 1970{71. The 1970 cohort falls
28% below the trend line and the 1971 cohort 19% below: roughly;200 on-time male graduates
are missing from rms advertising in the directories. These are likely the men who would have
entered law school around 1967{68, when the 2-S deferment was removed, and graduated within
3-4 years. We also nd that the missing men were largely diverted, but not eliminated from the
bar. Figure 7(b) decomposes male graduates by age at graduation, plotting the number of male
graduates between ages 22 and 26 (on time) and between 27 and 40 (older). The de cit of on-time
graduates in 1970{71 is mirrored by a surge oblder (age 27{40) graduates in 1972{74.

Further, military service is often reported in the Biographical Section, allowing us to corroborate
this mechanism directly. Figure 7c plots the estimated military service rate among on-time and
older graduates. For students graduating in the late 1960s, the service rate is slightly higher for
older graduates relative to on-time graduates, but this di erence is stable across years. This gap
widens substantially for the 1970 and 1971 graduating cohorts that would have been impacted by
the change in deferment rules, with older graduates serving at roughly twice the rate of younger
graduates in 1970. Interestingly, this gap stabilizes while service declines across both groups in the
mid-1970s, suggesting that later cohorts were impacted as well. We can test this directly as we are
also able to observe the last year of service for lawyers who served. Figure 7d plots the distribution
of the last year of service for men graduating at an older age (between 27-40) between 1972 and
1974. The year of last service is highly concentrated in 1969, 1970, and 1971 (comprising rough
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3/4 of all older 1972-1974 graduates), consistent with a spike in induction intensity in 1968.

5.2.2 Drafted Men: Within-Cohort Evidence

In 1969, the draft moved to a lottery system, beginning with the rst lottery in December 1969.
Each lottery randomly assigned every day of the year to a number between 1 and 366, indicating
the order in which induction would proceed, with the last number called to be determined by
manpower needs. The lottery was held multiple times, with each drawing corresponding to a set of
birth cohorts it would apply to. The December 1969 lottery applied to men born from 1944{1950,
of which numbers up through 195 were eventually called; the 1970 and 1971 drawings did the same
for men born 1951 (ceiling 125) and 1952 (ceiling 95); and the 1972 drawing assigned numbers
to men born 1953, but no one was ever called (Angrist 1990). Because the Biographical Section
records full birth dates, we can attach to each male lawyer the draft-lottery number assigned to his
birthday. Within a birth cohort, the assigned number is (approximately) random, allowing us to
compare draft-eligible men (numbers at or below the ceiling) with their cohort-mates above it to
identify the impact of draft risk on career outcomes for men.

We observe 53,875 men born from 1944{1953 in the 1981 Biographical Section. Appendix
Figure 39 plots lottery number means across several outcomes of interest, including percentage
reporting military service, age at graduation, and percentage of rm members and associates listed
as partners. To estimate the impact of induction risk, we use the following speci cation:

Here, Yiqmy is our outcome of interest for individual i both on day d month m and yeary, and
texteligible 4, indicates that day dm was below the ceiling in yeary. If we were analyzing one birth
cohort and numbers were truly randomly assigned, it would be enough to calculate the di erence
in means between eligible and ineligible men '(). However, in practice, the lottery assigned higher
numbers to days in December due to an error in the mixing process (Fienberg 1971; Rosenblatt
and Filliben 1971), so we include birth-month xed e ects |, to adust for this. Additionally, when
we pool across cohorts, we include birth-year xed e ects y. Standard errors are adjusted for
heteroskedasticity.

Table 3 reports results for a variety of outcomes of interest. Draft-eligible men born 1944{
50 report 2.4 p.p. higher rates of military service relative to a base of 8% (Panel A Row 1).
These men were also 2.2 p.p. more likely to have service extending into the 1970s (Panel A Row
2), suggesting that this increase in service took place primarily in the 1970s. Draft-eligible men
graduated from law school 015 years older (Panel A Row 3) and were 4 percentage points less
likely to graduate on time (Panel A Row 4). In 1981, twelve years after the drawing, the impact
of the draft disruption is still visible on the partnership ladder: draft-eligible men are less likely to
be listed as members of their rms (Panel B Row 5) and more likely to remain associates (Panel B
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Row 6), and the gap grows as we restrict the sample to men further up the career ladder. Across
our entire sample, draft-eligible men are 1.4 p.p. less likely to be partner (Panel B Row 5); among
all men who are associates, draft-eligible men are 1.9 p.p. less likely to be partner (Panel B Row 7);
and among men listed at rms with ten or more listed lawyers, where the partnership tournament
is most structured, draft-eligible men are 2.6 p.p. less likely to have made partner (Panel B Row 8).
Each 100 additional (safer) lottery numbers raise big- rm partnership by roughly one percentage
point, and estimates by lottery-number group (Appendix Table 5) show e ects in every group that
was actually called, while the never-called \near miss" group (numbers 196{230) is indistinguishable
from the safest numbers, suggesting that much of the penalty operates through actual calls, not
the expectation of being inducted.

Just as we found in our cross-cohort comparisons in the previous section, the lottery moved
men's career timing and careers but not their presence in the bar. Appendix Figure 40 plots the
average number of men across several bins of birth dates, and we nd no evidence of a relationship
between draft number and the count of men present in the 1981 Biographical Section. Finally, as
a check on the validity of our empirical design, we replicate the design for the 1971 lottery on the
cohort born 1953 and nd null e ects (almost entirely) throughout (Table 3, column 3); the single
nominally signi cant placebo coe cient, age at graduation, is less than half the treated estimate
and is not echoed in the on-time rate.

5.3 Women's Entry and Careers at Draft-Exposed Schools

We now use our earlier identi cation strategy comparing women at full-time compared to part-time
programs to evaluate the impact of the change in draft deferment rules on women's representation
in the practicing bar. The Geographical Bar Register records each lawyer's law school, but not the
program division attended, so we limit our sample to schools that can be identi ed from the RLE
data as full-time only (daytime program only; draft-exposed), both, or part-time only (evening-only
night schools; control). Because we do not observe the program a student is enrolled in at a given
school, we limit our comparison to students at schools with only full-time programs to students at
schools with only part-time programs.

5.3.1 Women's Entry

Using the Geographic Bar Register in 1974, 1975, 1976, and 1981, we gather data on all cohorts
admitted to the bar between 1958{78 and run the following event study design:

34978

Yiscd = Dsl(c= )+ s+ ¢+ d+ "iscds (14)
=1958; 61971
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Yiscd iS an indicator for lawyer i at school s, admission cohortc, and directory edition d, having a

female name.Dg indicates that school s operates a full-time program only, which we interact with

a set of directory year indicators, omitting 1970, as the rst bar-admission cohort of the fall-1968
entering class would be 1971. Our event coe cients, , measure the di erence across full-time
programs and part-time programs of the likelihood of a bar-admitted lawyer having a female name
relative to 1971. We include school, cohort, and directory year xed e ects and cluster standard
errors by school. We also summarize our results with a di erence-in-di erences design of the form:

Yised = pipDsl(c 1971)+ s+ ¢+ g+ "iscd; (15)

Figure 8b displays the result as the bar-side analogue of the enrollment event study. We nd
little evidence that the dierential gender composition across full-time only and part-time only
programs changes between bar admission cohorts between 1958 and 1970, with the event coe cient
in 1958 close to 0. Our event coe cients after 1970 are all positive, climbing to +4 to +8 percentage
points across the 1974{77 cohorts. Our summary di erence-in-di erences estimate suggests that,
across the 1971-1978 graduating cohorts, the policy change let to a 4.9 p.p. increase in women's
representation (p < 0:001). This is evident from the raw data as well. Figure 8a plots the fraction
of bar admission cohorts who are women across full-time only and part-time only schools between
1958 and 1978. This statistic is virtually identical for the two groups in 1970, with the gap emerging
and widening with the 1971 cohort. We also plot the fraction of women who graduated from schools
that operated both a full-time and part-time program. This closely tracks women's representation
at full-time only programs, suggesting that they were impacted by the policy change in a similar
way.

5.3.2 Robustness to Prestige Di erences.

The main threat to identi cation in this design is that women's representation in full-time only
programs might have trended dierently than part-time programs, even in the absence of the
policy change. In particular, full-time only schools are generally more prestigious than part-time
only programs, so our contrast risks capturing an elite-school trend rather than the draft. We
run several robustness checks that augment our di erence-in-di erences design in equation (15),
reporting the results in the rst column of Appendix Table 4. We measure prestige as before, using
the log of the number of volumes in the law library in 1969. We include a cohort trend in the log
number of volumes (Row 2), drop the most prestigious third of full-time only schools (Row 3), and
keep only the bottom third of full-time only schools across the prestige distribution (Row 4). Our
results survive all of these adjustments.
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5.3.3 Women's Careers

In addition to simply measuring representation in the bar, we observe many career-related outcomes
in the directory data. With these outcomes, however, our concerns about di erences across full-time
only and part-time only programs are magni ed, as institutional prestige might have an outsize
impact on the probability of making partner, for example. Accordingly, to correct for any school-
speci c unobserved di erences in trend, we run a triple di erence-in-di erences design, di erencing
out any estimated policy impact for men to remove potential bias from our DiD estimator.?? We
are able to measure 20 separate career outcomes, listed in the rows of Appendix Table 4. Each
outcome is an indicator Yiscq that lawyer i is observed to have some characteristic (e.g. working as
an associate, working for a private rm) in directory year d. For each outcome, we rst estimate
Eq. (14) separately by sex, and then report the triple DID estimator, given by

Yeed = Ds 1[c 1971] Fem
+ 1Ds 1[c 1971] + ,Fem; Ds+ sFem; 1[c 1971]+ (16)

+ 4Femi+ s+ ct+ g+ "iscds

is our coe cient of interest, which reports the gender di erence in the exposure e ect, net of any
program-type time trend common to both sexes. indexes the additional terms needed to ensure
that pppip has the proper interpretation. Table 4 reports the full battery, of which we highlight
the most prominent results here. The draft induced women to move into theprivate- rm track
( = +0:163) and federal government ( = +0 :024), and away from solo practice ( = 0:103),
state and local government ( = 0:046), and the judiciary ( = 0:018). They also attained
seniority there, by every measure we can construct: the top peer-review rating ( = +0 :038),
named partnership as printed on the rm's display card ( = +0 :082), and a size-based partnership
measure de ned as practicing as a non-associate in an o ce of more than ten lawyers (= +0 :060).

5.3.4 Career outcomes at de ned follow-up periods

Our main design in this section pools all observations across multiple directories. This uses all
available information, but might introduce bias because of the mechanical relationship between
bar admission cohort and career length (for fully attached workers). For example, for a xed
directory year, earlier cohorts will be observed at a later career stage than later cohorts, potentially
confounding cross-cohort comparisons. To correct for this, we run an additional design using all
years of data we have collected and obtaining information for each cohort at a xed follow-up
time. Speci cally, for a chosen horizon K and bar admission cohortC, we collect labor market
information from the directory closest to year C + K, so every cohort is observed at approximately

22 sjince women's representation and men's representation are collinear, we cannot use this design in the previous
section.
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the same career agé® We consider two time horizons: 6 years out as well as 13 years out.
This allows us to estimate an event study design of the form:

52978
Yisc = Dsl(c= )+ s+ ¢+ "isc (17)
=1958; 61971

Yisc iS now an indicator for an outcome of interest for lawyeri graduating from school s in bar
admission cohortc, where this outcome is measured in the directory year closest ta + K. The
event study coe cients have the same interpretation as before, and we no longer need to include
directory year xed e ects with a xed follow-up period.

These results are presented in Figure 9, which reads as a career arc in four panels. Figure 9a
reports results for an outcome indicating that lawyer i has a female name, measuring persistence
in the bar six years after admission. As before, we nd a clear increase in event coe cients from a
at pre-period to +8 :5pp by the 1977 cohort, with a summary di erence-in-di erences estimate of
+6:2pp (p = 0:001). Figure 9b presents results for an outcome indicating that lawyet holds a rm
associate job six years after bar admission. This model, as well as the other outcomes in Figures
9c and 9d, are estimated separately by sex, and the event coe cients are binned in groups of two
years (relative to the 1969 and 1970 admission cohorts) to improve precision. We estimate a large
increase in the probability of women holding an rm associate job: over the entire post-period,
we estimate a 12 p.p. p = 0:001) increase for women, relative to a statistically insigni cant 2.1
p.p. increase for men. The gap between event coe cients for women and men is roughly constant
across years, suggesting that this impact appears almost immediately in the early 1970s. Figure
9c presents results for an outcome indicating that lawyeri works at a private rm six years after
bar admission. This corroborates our nding in Table 4, as we nd that women at draft-exposed
schools are 1#4pp (p = 0:02) more likely to be working at a private rm after 6 years, against a
1:1pp decline in this probability for men. Finally, Figure 9d looks at a long run career outcome,
thirteen years after admission to the bar, reporting results for an outcome indicating that lawyeri
is listed as partner. We estimate a small but signi cant increase for men of +23p.p. (p = 0:01),
suggesting that the premium for attending a more prestigious law school might be increasing over
this time period. However, our estimate for women of a Wp.p. (p = 0:01) increase suggests that
increased access to full-time programs, as a result of draft pressure, likely lifted the probability of
women making partner, a highly desirable career outcome for lawyers.

ZDue to data limitations, we cannot obtain an exact match for every cohort, but this approach still drastically
reduces the cross-cohort comparison problem.
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6 Reinforcing Policies

6.1 Did Federal Anti-Discrimination Policy Matter?

Through our empirical designs, we nd substantial evidence that the 1968 change in deferment

status for full-time law students mattered for women's enroliment, but across all designs, these

gains are largely limited to the late 1960s. Thus, this change has limited direct explanatory power

for the secular rise in women's representation we see in Figure 2a during the 1970s. Accordingly,
we now turn to analyze the (potential) complementary role of anti-discrimination policy.

6.1.1 Title IX

Most accounts of the impact of anti-discrimination policy on women's enroliment in law schools
focus on Title IX of the Educational Amendments of 1972, which prohibited any educational insti-
tution receiving federal funding from discriminating on the basis of sex for graduate or professional
admissions. Fossum (1983)[p. 229] calls 1972 \the critical year in terms of the governmental pro-
hibition against sex discrimination in the admission of students to the nation's law schools,"” but
concludes that it is di cult to say de nitively that Title IX caused the rapid rise in women's enroll-
ment, noting the preponderance of changes occurring around the same time, including the removal
of deferments that we study here. More recently, Rim (2021) studies the impact of Title IX on
graduate education writ large, nding that this law contributed to a subsequent rise in women's
enrollment. In particular, Rim (2021) notes larger increases in women's enrollment in programs
with a larger incentive to comply with the program, as measured by the share of institutional
revenue received from the federal government, after its passage in 1972.

To explore this potential mechanism, we collect institution-level data on the mix of funding
from the 1968-69 Higher Education General Information Survey (HEGIS), accessed via ICPSR.
Following Rim (2021), we use the share of revenue provided by the federal government as our
preferred measure of exposure. This is de ned as revenue received from federal appropriations,
sponsored programs (including research), and student aid, as a fraction of the sum of educational
and general revenues and student aid grant$? We match law schools appearing in the 196 Review
of Legal Education to the institution they are a liated to in the HEGIS survey. While this is a
very useful measure of institutional reliance on federal funding, it is a weak metric for a given
law school's reliance, as it pools both revenue and federal funding across the entire institution.
Accordingly, we restrict our sample to all institutions where the law school itself is identi ed in the
HEGIS data. We report all schools included in this analysis in Appendix Table 3.

It is important to note that this sample is extremely limited relative to our previous analysis
- we are able to include only 12 law schools in this analysis. Further, these programs have very

24This is calculated from the HEGIS survey form as follows: (Line ltem 4 + Line Iltem 10 + Line Iltem 16 + Line
Item 27) / (Line ltem 1 + Line Item 26). See Rim (2021) for details on what is included in the survey measure of
revenue and student aid.
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little dependence on federal funding, as the maximum federal funding share is around 4%. However,
several institutions receive no federal funding, which we would expect to be una ected by the policy,
providing us with an untreated group. This allows us to run an event study design of the form:

5980
Yit = 1(di;19e8> 0)L(t= )+ | + ¢+ " (18)
=1960; 61974

Here, Y;; is the fraction of rst-year law students at institution i in program in year t who are
women, andd;: 1968 IS the amount of federal funding institution i received as measured in the 1968-69
HEGIS survey. measures how the response of institutions receiving positive federal funding in
academic year 1968 relative to those receiving no federal funding changes relative to the di erence
in Fall 1974. While Title 1X was passed in 1972, we use the Fall of 1974 as the omitted year, as
this is the last cohort that enters before compliance regulations were nalized in May 1975 (Rim
2021). We use a standard TWFE design with institution-program ( ; ) and year ( ;) xed e ects,
respectively. Our estimates are weighted by total rst-year enrollment, and we cluster our standard
errors at the institution level. We summarize the event study results with a di erence-in-di erences
estimator of the form:

Yit = bpip 1(di1968> 0)L(t 1975)+ | + + "jy (19)

Our results are presented in Appendix Figure 10b. The standard errors on our event coe cients
are large due to the limited number of institutions, but the pattern of the point estimates is
indicative of a sizable impact of Title IX. Across the 14 years prior to policy regulations coming
into force, we see change in the di erence in women's representation across exposed and unexposed
schools. However, the pre-period coe cients arguably understate the similarity of these trends.
We plot the raw fraction of students in the treated and untreated group between 1960 and 1980 in
Figure 10a. The trend in both groups is essentially identical between 1960 and 1974, including the
sharp acceleration of women's representation that occurs around 1970. These trends only decouple
beginning in 1975, re ected by a rise in the event coe cients in Figure 10b in the same year. Our
power is limited, but our di erence-in-di erences estimate suggests that Title IX lifted women's
representation by 4.3 percentage points (signi cant at the 10% level).

6.1.2 Earlier Activist Pressure

As Helgerman (2025) notes, Title IX was the encapsulation, rather than the beginning, of ac-
tivist pressure to curb sex discrimination in higher education. Before it was enacted in 1972, the
Women's Equity Action League (WEAL) emerged as the most active national organization chal-
lenging sex discrimination in higher education. Lacking a statutory framework directed speci cally
at education, WEAL strategically leveraged Executive Order 11246 (amended by EO 11375), which
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prohibited federal contractors from discriminating on the basis of sex in employment, as an indirect
but potent enforcement tool. Because most major universities received substantial federal research
funding, the federal government had meaningful leverage over university employment practices.
Beginning in 1970, WEAL led many formal complaints with the Department of Labor's O ce of
Federal Contract Compliance (OFCC), targeting elite campuses such as Harvard, Yale, Michigan,
Wisconsin, and the University of California system, as well as many regional and state institutions.
These lings constituted one of the earliest systematic e orts to challenge gender discrimination in
academia through federal law.

The complaints documented a wide array of discriminatory practices a ecting women fac-
ultyland, indirectly, women students. They typically alleged the systematic exclusion of women
from tenure-track positions, disproportionate assignment to low-rank or non-tenure appointments,
unequal salaries for equivalent work, opaque or biased promotion procedures, and the use of marital
or anti-nepotism rules that e ectively barred many married women from academic employment.
Many complaints alleged quota-like ceilings on women's admissions or hiring, rigid maternity-leave
and bene ts policies, and the near absence of women in senior leadership roles. WEAL often sup-
plemented these allegations with its own surveys, anonymous letters from women faculty, and data
compiled from publicly available catalogs, faculty directories, and institutional reports. While these
complaints focused on hiring discrimination, they often involved allegations of admissions discrim-
ination, particularly for rst professional programs like law, where degree programs function as a
barrier to entry to the profession. To evaluate the role of this pressure, we leverage the timing of
complaints and the institutions targeted. Additionally, since these complaints target institutions
housing a large number of law schools, this allows us to expand the limited sample in the previous
section to evaluate the impact anti-discrimination policy across a far more representative set of
institutions.

We collect information on complaints of violations of EO 11246 that were led by WEAL
and allied organizations from congressional hearings on proposed amendments to the Fair Labor
Standards Act in 1970 (U.S. Congress 1971). We assume this report, led by WEAL, is up to date
as of the beginning of the hearing; this begins on May 26, 1971, and the latest complaint reported
is on May 24, 1971. We identify 42 complaints led against institutions that include law schools,
which are reported in Appendix Table 2. In addition, in April 1971, the Professional Women's
Caucus les a complaint against all law schools (Sandler 1973}° Consequently, even though there
is variation across time in the date of complaint, this variation is very limited, as all law schools are
e ectively \treated" in April 1971. Consequently, we consider a simple empirical design, leveraging
whether or not an institution is treated earlier or later. To operationalize this, we code a law school
as treated early if it receives a complaint from WEAL (or an allied organization) during calendar

B This is included in Appendix Table 2, though it was not included in WEAL's report to congress.
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year 1971. We use this treatment de nition as part of an event study design of the form:

34980
=1960; 61969

Our outcome remains the fraction of women enrolled at institutioni in year t; we include only full-
time programs for this design and drop the program subscript . Early, is our treatment indicator,
de ned in the previous paragraph, and we exclude an indicator for Fall 1969 as this was the last
cohort that began classes before the rst WEAL complaint was led in January 1970. We utilize
a simple two-way xed e ects design that is weighted by total enrollment and clustered at the
institution level.

Our results are presented in Figure 10d. We take this as suggestive, but not de nitive, evidence
that WEAL complaints prompted an increase in women's enroliment in the early 1970s. There is
a subtle pre-trend, but we nd a marked increase in women's representation at programs treated
early relative to those treated later in the rst half of the 1970s. However, later in the decade, this
e ect attenuates and the event coe cient in 1980 is around 0. We suspect this is likely a result
of the crystallization of the enforcement apparatus of Title IX in 1975, given our previous result
and the clear drop in the event coe cient. To formalize this result, we summarize our event study
coe cients with a di erence-in-di erences design of the form:

Ye = SR Early;1(t 2 [19701974]) + 53, Early;1(t 2 [19751980]) + i+ ¢+ "t (21)

Here, we split the post-treatment period into a short run coe cient ( 355) measuring the policy
response between 1970 and 1974, and a long run coe cient (5?,3) measuring the policy response
between 1975 and 1980. We nd a short run increase in women's representation of 2.6 percentage
points, but a long run coe cient that is not statistically distinguishable from 0, suggesting that
receiving an early WEAL complaint prompted earlier compliance activity, but as admissions non-
discrimination (on the basis of sex) was legislated through Title IX, enforcement activity eliminated
this di erence by 1980. This is evident in the raw data, plotted in Figure 10c, showing the fraction
of students who were women enrolled in institutions receiving early complaints relative to those
treated later. A sizable gap between these groups opens in the 1970s, closing by the end of the
decade?®

Taken together, these results suggest that anti-discrimination policy did play an important
role in improving women's representation in law. Title IX provided a signi cant boost once its
regulations were nalized, though these impacts were \brought forward" into the early 1970s at
programs targeted by EO 11246 complaints from WEAL.

28 Appendix Figure 22 demonstrates robustness of our main design to adjusting for the institutional receipt of an
early WEAL complaint by including this term as a control interacted with year xed e ects.
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6.2 Contraception access

A possible competing explanation is that oral contraception, rather than the draft, generated
women's di erential entry into full-time programs: Goldin and Katz (2002) argue that the pill made
long, uninterruptible professional training rational for young women, and its di usion coincides with
our treatment window. Appendix D details the legal codings, exposure measures, and underlying
data construction, reports the full estimates (Appendix Tables 6 and 7), and replicates the law
career results of Goldin and Katz (2002) in the Martindale-Hubbell directory data. We document
in Appendix Table 7 that cohort-level pill access is associated with a 68 percent increase in women's
lawyer production per college woman and a 13 percentage point rise in women's share of the bar,
which is the same direction as, and only modestly below, the roughly twofold increase in professional
employment that Goldin and Katz's census estimates imply (with no corresponding movement for
men, and robust to both legal codings and to population and college-graduate denominators).

Two tests address how these changes might interact with our estimates on the impact of the
Vietnam draft, which we show in Appendix Table 6. First, exploiting the staggered state liber-
alization of contraceptive access for unmarried women under age 21, we interact the full-time
post term with the pill-access regime of each school's state: if the pill mechanism drove the full-
time/part-time di erential, it should be concentrated where young women had early legal access.
It is not. The e ect obtains in late-liberalizing states (+4 :7 percentage points,p = :006, under the
Goldin{Katz coding; +3 :8 points, p = :016, under the coding of Bailey 2006), cohorts who should
not have been exposed to increased access. Second, because state laws cannot capture nationally
di using access, we add to the baseline speci cation the interaction of full-time-only status with
each lawyer's cohort-level probability of legal pill access before age 21. The draft coe cient is
unmoved (+4:88 to +4:83 points), the pill interaction is a precise zero.

7 Conclusion

This paper provides new causal evidence that the Vietnam War reshaped access to the legal profes-
sion in ways that extended beyond men's draft exposure. When male law students lost eligibility for
2-S deferments in 1968, law schools faced a sudden risk of enroliment shortfalls. Using a di erence-
in-di erences design that exploits the di erential exposure of full-time and part-time programs to
this policy change, we show that women's representation in full-time programs rose by about two
percentage points, about a 44 percent increase over baseline levels. The e ect was concentrated
among more prestigious institutions, suggesting that women's entry accelerated most at the top of
the law-school hierarchy. Initial draft-driven gains were reinforced by federal anti-discrimination
policies and access to contraception.

These changes altered the composition of the practicing bar. Men who faced higher draft risks
were more likely to graduate at a later age, and these delays in education are echoed in worse
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career trajectories, including fewer rm partners. Newly entering women were able to join rms
and become partners.

Taken together, our results highlight how external shocks, in this case a military manpower
policy not directed at higher education, altered the gender composition of professional schools and
helped open the doors of the legal profession to women.
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Figure 1: Enrollment statistics

(a) Draft Inductions and Women's Representation in Law School

(b) Fraction Women in Full-Time and Part-Time Programs as a 1L

Figure 1a plots the percentage of all law students who are women between 1940 and 1980, collected from Table 27 of Abel
(1989), against the total number of inductions conducted by the Selective Service System in the previous year between 1940 and
1973, collected from www.sss.gov/history-and-records/induction-statistics/ . For years after the draft ended in 1973, this
time series is set equal to 0. We regress the percentage of law students who are women on lagged inductions between the 1940
and 1967, plotting the predicted value and reporting the ~ R?2 statistic. Shaded bars plot U.S. involvement in WWII (1941-1945),
the Korean War (1950-1953), and the Vietham War (1964-1975), collected from  department.va.gov/americas-wars/ . Figure
1b plots the fraction of all students who were women at U.S. law schools separately for full-time and part-time programs. Data

are collected from the Review of Legal Education between 1947 and 1980. Before 1947, data are only available in 1940, 1942,
and March 1943 (plotted in 1943); we interpolate with the dashed line for years when data are missing. Data for Fall 1940 and

Fall 1942 are collected from Gulliver (1943), and data for March 1943 are collected from National Conference of Bar Examiners
(1943). In both plots, we mark the year before student deferments from the Vietnam Draft were revoked (1967).
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Figure 2: Aggregate Attrition for Men

(a) Fraction Women in Full-Time and Part-Time Programs as a 1L

(b) Full-Time Programs (c) Part-Time Programs
Figure 2a plots the fraction of all rst-year students who were women at U.S. law schools that reported to the Review of Legal
Education from 1960 through 1975 separately for full-time and part-time programs. Data are collected from the Review of

Legal Education in every year (raw levels are plotted in Appendix Figures 37a and 37b). Figures 2b and 2c plot estimates of
men's attrition from law schools in each year. To do this, we calculate the percentage drop in men's enrollment from year to
year. These calculations are plotted in the baseline year; for example, in 1967, we plot the percentage of 1L students in 1967
that are missing in 1968. The solid black line plots the share of the 1L class missing from next year's 2L class; the dashed grey
line plots the share of the 2L class missing from the next year's 3L class. Figure 2b plots these series for full-time programs.
Figure 2c plots these series for part-time programs. In all plots, we mark the year before student deferments from the Vietnam
Draft were revoked (1967).
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Figure 3: Di erence-in-Di erences Results

(a) Fraction Women

(b) Number Women

Figure 3a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who are women
and the regression is weighted by total rst-year enrollment. Model 1 uses a standard two-way xed-e ects design, where a 95%
con dence interval is plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this
model, estimated with equation (2). Figure 3b plots coe cient estimates from equation (3), where the outcome is the number
of rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval
is plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a
part-time program. Model 3 restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.
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Figure 4: Law-Medicine Di erence-in-Di erences Results

(a) Fraction Women

(b) Number Women

Figure 4a plots coe cient estimates from equation (5), where the outcome is the fraction of rst-year students who are women
and the regression is weighted by total rst-year enroliment. Figure 4b plots coe cient estimates from an alternative speci -
cation, where the outcome is the number of rst-year students who are women and a control for total enroliment is included.
Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is plotted for every event coe cient.
The horizontal line plots the di erence-in-di erences estimate from this model. In both gures, Model 2 restricts our sample to
include only institutions operating both a medical school and a law school. Model 3 keeps this restriction and adds institution-

by-year xed e ects.
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Figure 5: Continuous Di erences-in-Di erences Results

(a) Log Volumes in Law Library

(b) Log Applications per Acceptance

This gure plots estimates from equation (10), where the outcome is the change in the fraction of rst-year students who are
women between 1967 and 1968 and the regression is weighted by total rst-year enrollment in 1967. After estimating regression
coe cients, we construct a grid of 500 points evenly spaced between the minimum and maximum dose values and plot ¥; for
treated units ( D;j = 1) at each of these dose values. We also plot two sets of 95% con dence bands across our grid: a pointwise
con dence interval using the standard error of the predicted value at a given level of the dose, as well as a uniform con dence
interval across the entire grid using the method proposed in Montiel Olea and Plagborg-M ller (2019).
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Figure 8: Full-time and part-time women's share in the bar

(a) Women's share by cohort and school type, 1981 edition.

(b) Event study (pooled 1974{81 editions).
Notes. Panel (a): women's share of each admission cohort by school type in the 1981 edition. Panel (b): event-study

coe cients from the two-way xed-e ects model in Eqg. (14) with cohort-speci ¢ treatment interactions, omitted
cohort 1970; the horizontal line is the summary di erence-in-di erences (+0 :049; wild-cluster p = 0:001).
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Table 1: Di erence-in-Di erences Results

1) ) ©)

1L
Fraction Women 0.027 0.018 0.024
(0.008) (0.010) (0.009)

Number Women  9.300 8.913 8.749
(1.609) (2.035) (1.967)

Observations 3288 1610 2468
2L
Fraction Women 0.023 0.015 0.020

(0.007)  (0.009)  (0.008)

Number Women  5.343 5.345 4.918
(1.138) (1.438) (2.331)

Observations 3238 1583 2439
3L
Fraction Women 0.025 0.016 0.023

(0.0068)  (0.008)  (0.007)

Number Women  3.899 3.228 3.688
(0.925) (1.024) (1.227)

Observations 3180 1553 2402
TWFE X X X
Full/Part X X

No T&C X

This table presents di erence-in-di erences results from equations (2) and (4). Each section header denotes the year of interest
for that section, which is either rst-year (1L), second-year students (2L), or third-year students (3L). The rst row within
each section presents results from equation (2), where the outcome is the fraction of students who are women in the year of
interest, and the regression is weighted by the total number of students in the year of interest. The second row within each
section presents results from equation (4), where the outcome is the number of students who are women in the year of interest.
Column 1 presents results from Model 1, a standard two-way xed-e ects design. Column 2 presents results from Model 2,
which restricts our sample to include only institutions operating both a full-time and a part-time program. Column 3 presents
results from Model 3, which restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.

¥k p<:01,* p<:05 *p<:10
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Table 2: Draft-Induced Attrition and Changes in Women's First-Year Enrollment

(a) Attrition Surprises and Change in Women's 1L Enroliment Share

1) (2) 3) (4) ©) (6)
Core + Prestige Winsorized Unscaled No Trend Part Time
Attrition surprise  0.0021 0.0019 0.0025 0.0745 0.0025 0.0019
(0.001) (0.001) (0.001) (0.018) (0.001) (0.001)
Observations 121 113 121 121 121 49
R? 0.127 0.130 0.123 0.127 0.045 0.032

(b) Impact of Attrition Surprises Before Draft Shock

1) ) ®3) (4) (5)
1963 1964 1965 1966 1967
Attrition surprise  0.0002 0.0004 -0.0008 -0.0012 -0.0001
(0.001) (0.001) (0.001) (0.001) (0.001)

Observations 116 115 118 120 120
R? 0.000 0.001 0.007 0.012 0.000
Notes. Both panels estimate  wi;y = + Sit + X2 +"; by OLS, where wix  wir W 1 is the one-year change

in the share of women in the rst-year (1L) class at program i, Sit = Sit = is the standardized attrition surprise
de ned in the text, and X; collects additional controls included only in column (2). Observations are weighted by 1L
enroliment throughout.

Panel A restricts the sample to full-time programs and sets t = 1968. Column (1) is the baseline speci cation with no
additional controls. Column (2) adds log library volumes (In Vol ;) to absorb variation in attrition shocks attributable
to institutional prestige. Column (3) replaces S;i with a version winsorized at the 1st and 99th percentiles to limit
the in uence of outlier shocks. Column (4) replaces the scaled surprise with the unscaled residual S;; , omitting the
division by ~;; the coe cient is therefore in units of raw percentage-point attrition deviation rather than pre-period
standard deviations. Column (5) estimates the attrition surprise from a speci cation with program xed e ects only,
omitting the program-speci ¢ linear time trend; S; therefore captures each program's deviation from its historical
mean attrition rather than its mean trend. Column (6) applies the baseline speci cation to part-time programs.
Panel B applies the baseline speci cation to full-time programs for each year t 2 f 1963 :::;1967g, replacing Si 1068
with the analogous attrition surprise Sy computed from the six-year trailing window ending in year t 1.
Standard errors in parentheses. p < 0:10, p < 0:05, p < 0:01.
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Table 3: The draft lottery and male lawyers' careers, 1981 Biographical Section

Ineligible mean Draft-eligible, born 1944{50 Placebo: born 1953

Panel A: Service and timing

Military service 0.098 +0:024 (0.003) +0:001 (0.003)
Service extending into the 1970s 0.080 +022 (0.003) +0:002 (0.003)
Age at law-school graduation 26.29 +0150 (0.021) +0:065 (0.028)
Graduated on time (age 22{26) 0.642 0:041 (0.005) 0:011 (0.010)
Panel B: Position in 1981
Partner (member of rm) 0.525 0:014 (0.005) 0:006 (0.015)
Still an associate 0.268 +0016 (0.005) +0:016 (0.018)
Partner vs. associate 0.662 0:019 (0.005) 0:012 (0.018)
at rms with 10+ listed lawyers 0.566 0:026 (0.008) 0:015 (0.022)

Notes. Each cell reports the coe cient on draft eligibility (lottery number at or below the call ceiling) from a separate
regression with birth-month xed e ects and, in the pooled 1944{50 cohort, birth-year xed e ects; heteroskedasticity-
robust standard errors in parentheses. \Ineligible mean" is the outcome mean among men born 1944{50 with numbers
above the 195 ceiling. The placebo column repeats the design for men born 1953, whose 1972 lottery assigned numbers
but never issued calls (pseudo-ceiling 95). N = 39;332 men born 1944{50 and 4194 born 1953. Outcomes are fractions
except age at graduation (years). p< 0:1, p< 0:.05 p< 0:01.
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Table 4: FT-only  post-1971 on employment outcomes: DIiD by group and triple-di erence.

Outcome Mean (%) All Women Men Triple (FT post F)
Female (composition) 5.6 +0049 | | |
Government (any) 8.2 +0:032 +0:006  +0:030 0:029
Federal 3.8 +0:020 +0:035 +0:016 +0:024
State / local 3.8 +0:011 0:027 +0:013 0:046
Private rm 49.4 0:.018 +0:120 0:016 +0:163
Solo 36.2 0:021 0:108 0:020 0:103
Legal services (aid/PD) 1.6 +0:.011 +0:000 +0:010 0:017
In-house 2.3 0:008 +0:003 0:009 +0:011
Prosecutor 3.0 +0003 0:003 +0:004 0:016
Public defender 0.5 +0002 0:012 +0:003 0:018
Legal aid 1.1 +0:010 +0:017  +0:008 +0:006
Judiciary 1.2 +0:001 0:017 +0:001 0:018
Academic 0.8 0:002 0:005 0:002 0:006
Patent 0.7  +0:003 0:000 +0:003 +0:001
Of counsel 0.3 0:003 0:007 0:002 0:004
Associate 15.3 +0137 +0:160 +0:138 +0:008
Named partner (card) 20.4  0:100 0:026 0:099 +0:082
Partner, size-based 8.9 0:061 0:011 0:061 +0:060
Multi-o ce 1.1 +0 :000 0:003 +0:001 0:002
Top rating (av) 4.8 0:.051 0:019 0:051 +0:038
Any rating 29.2 0:106 0:025 0:106 +0:071

Notes. The All/Women/Men columns report »

triple-di erence Eq. (16) | the

within-school, within-cohort control.

pip from the DiD in Eqg. (15); the last column reports » from the
women-minus-men di erence in the exposure e ect, with male classmates as the

FT-only vs. PT-only schools, cohorts 1958{78, pooled 1974{81 editions (a

lawyer can appear in up to four editions), school/cohort/edition xed e ects, SE clustered by school. p < 01,

p< 0:05 p< 0:01.
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A Data Appendix: Digitizing the Martindale{Hubbell Directo-
ries

The lawyer-level data in Section 5 come from historical print editions of the Martindale{Hubbell
Law Directory. Each edition has two components that we use. TheGeographical Bar Register
is a state-by-city roster that aims to list every lawyer admitted in the United States, one dense
line per lawyer. The Biographical Section (\Professional Biographies") contains card entries that
law rms purchase, listing their lawyers with full professional biographies. We scanned the print
volumes and built two digitization pipelines matched to the two layouts: a pipeline based on the
open-source PaddleOCR engine for the tightly formatted register lines, and a pipeline based on
Mistral's document-OCR model for the free-form biographical cards. This appendix describes each
in turn.

A.1 The Geographical Bar Register

Source material and OCR.We digitized the register from twenty-two edition years spanning 1965{
2000 (1965, 1967, 1970{1972, 1974{1976, 1978, 1981, 1983, 1987, and annually 1991{2000). Scanned
pages were split into single-column images (the register prints two columns per page); the 1981
edition alone comprises seven volumes of roughly 1,700{2,100 column images each. Each column
image is processed with PaddleOCR (v3.7.0) using the pretrained PP-OCRv6 medium detection
and recognition models, which return, for every text box, the recognized string, a con dence score,
and a bounding box!

Parsing register lines. A register entry packs a lawyer's record into one or two lines, for example

4 Alper, Harvey M. '46 '71 b v 3 g C&L.260 B.S., J.D. [A. & W ]

which reads: American Bar Association member (the triangle); name; birth year (1946); year of rst
bar admission (1971); the con dential peer-review rating (a letter legal-ability rating and general-
recommendation rating, with an optional numeric grade); the numeric college and law-school code
(here college and law school share code 260); degrees earned; and the rm a liation in brackets,
where a circled A before the rm name marks an associate rather than a member. Further symbols
mark lawyers with multiple o ces, retired or single-client status, and active Armed Forces service.
Extraction proceeds page by page: text boxes are Itered and grouped into lines; lines are classi ed
as state banners, city or county headers, lawyer entries, or continuations; geography is carried
forward across pages; entries split across lines are re-glued; and the elds above are parsed with
rule-based patterns into one row per listing, carrying ags for uncertain year tokens, out-of-range
school codes, and OCR-suspect strings.

1We also evaluated a recognition model ne-tuned on directory pages; the stock pretrained model performed better
on these scans (the ne-tune introduced character doubling and corrupted the special symbols described below), so
all production runs use the pretrained models.
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Enrichment and repair. A sequence of deterministic post-passes then (i) cleans name and
rm strings and splits names into parts; (i) imputes gender from Social Security Administration
rst-name distributions by birth decade, supplemented by honori cs; (iii) maps school codes to
institution names through a crosswalk built from the directory's own school index; (iv) classi es
employment into sectors and roles following the Curran et al. (1985)-style taxonomy (government
and its level, prosecutor, public defender, judiciary, in-house counsel, academic, patent practice);
and (v) repairs structural errors at the edition level. state assignments are re-anchored to the printed
volume order, state boundaries are snapped to the divider pages the directory prints between states,
and two rosters that would otherwise contaminate counts are agged and excluded from analysis
| the Canadian and international roster at the end of each edition and the U.S. Patent O ce
cross-index, which duplicates lawyers already listed in their home states. Lawyers listed at several
o ces are resolved to the largest o ce. Cleaned and localized rm a liations yield an o ce-size
measure: the count of listed lawyers per rm and city.

A.2 The Biographical Section

OCR and structured extraction. The Biographical Section's layout which is more of a free-form,
multi-page rm cards with per-lawyer paragraphs is more challenging for line-based parsing, so we
digitized it with Mistral's dedicated document-OCR model. Every page image is submitted with
an extraction schema and a xed set of extraction rules instructing the model to return, for that
page only, structured rm objects (hame, address, organizational form, telephone, representative
clients) containing lawyer objects: name parts; birth place and full birth date; bar and court
admissions with years; undergraduate, graduate, and law education with institutions, degrees, and
years; position at the rm; memberships, honors, and languages; and military service. The schema
also requires explicit ags marking cards that continue from or onto neighboring pages. Lawyers'
positions are subsequently overwritten deterministically from the section headers printed on the
card itself (members of firm , associates , and so on), so a lawyer's recorded rank never rests on
model inference. For 1981, the edition the paper uses, the section comprises 24,207 page images
across seven volumes, with page coverage above 99.9 percent in every volume.

Reassembly and repair.Post-processing reassembles multi-page cards by chaining the continu-
ation ags, with safeguards against over-merging (same-city checks and tests against the running
page headers); deduplicates rms within volume on name, city, state, and telephone; cleans and
splits names; and corrects retroactively reissued law degrees: where a reported law-graduation year
postdates the lawyer's earliest bar admission by more than a year | the signature of schools that
reissued J.D. degrees to LL.B. alumni | the graduation year is corrected from the education text
or the admission year.

Coverage and completenessThe result for 1981 is a le of 190,581 biographical records. Com-
pleteness is high for the elds the paper uses: 90 percent of records carry a birth year and 88
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percent a full birth date | month, day, and year, the basis for the draft-lottery design of Section 5

| 91 percent a bar-admission year, 89 percent a law school, 86 percent a law-graduation year, and
83 percent an explicit position at the rm; 8.3 percent report military service. Gender is imputed
from SSA name distributions exactly as in the register pipeline. Beyond 1981, the same pipeline
has digitized fourteen edition years (1965{1999, 3.6 million biographical records), which we use for
corroborating cross-sections.
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B Theoretical Framework

We consider the problem of a law school deciding which applicants to enroll. The admissions
committee receives a set of applications of madsl men and massF women, from which they need
to choose a set ofE students to satisfy an enrollment constraint. Students are distinguished by
their quali cations ;, which we assume are of a single dimensioh.The committee cares about the
average credentials of its admitted students, and so; among its incoming class enters directly into
the committee's objective function. However, we also assume that the school will pay a prestige
cost by admitting more women than the average program. This cost is given byC(f ), wheref
was the fraction of all students in the previous year that were women. We assume thaC(x) =0

if x< 0, and that C() is convex forx > 0. Intuitively, a program only pays this prestige cost if it
enrolls more women relative to the average, and this cost is increasing in that deviation. In sum,
the objective function for the admissions committee is given by ; C(f f)

Since enroliment is xed, the admissions committee's decision depends solely on the fraction of
students it admits that are women, given by f .2 If the same standard for admission is set across all
students, average credentials will be maximized, with an implied gender mix °*t. Changing this
mix necessitates a di erent admissions threshold for each group and must lower average credentials
but could be preferred by the committee if it lowers the prestige cost of an incoming cohort with
a large fraction of women. Appendix Figure 5 demonstrates this graphically. Appendix Figure 5a
plots the credential of the marginal man (M ) and woman (W) as the fraction of women enrolled ¢ )
changes. Consider a law school that enrolls only men. When this program enrolls its rst woman,
it experiences an increase in its average cohort credentials, as it enrolls the highest credentialed
woman in its applicant pool in place of the marginally admitted man. For each change inf , this
di erence (MB ) is given by the di erence between the marginal woman applicant and marginal man
applicant; graphically, this is the vertical distance between these two curves. Appendix Figure 5b
plots the positive portion of this marginal bene t ( MB ) curve against the marginal cost to prestige
by enrolling a higher than average fraction of women. The point at which these intersectf , is the
solution to the committee's problem, which will be less thanf °Pt as long as the school is constrained
and f °Pt > f

Now, we consider how the policy change a ects the admissions decision. From the perspective
of the committee, this amounts to a random shock across men's applications, where a certain
proportion of these students are unable to matriculate when they are drafted. As a result, the
curve giving the marginal credentials for men should shift to the right, as demonstrated in Appendix

2This is a very reasonable approximation. Many law schools at the time considered a weighted average of LSAT
score and undergraduate GPA (Lunneborg and Radford 1965).

3This depends on the innocuous assumption that, conditional on gender, the committee would prefer a more
credentialed student to a lower one.

“To speak more precisely, the marginal bene t is the distance between these curves multiplied by 1=E, but this
does not change the analysis.
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Figure 5c. To enroll the same number of men, the credential of the marginal man enrolled must be
lower as a result of the draft shock. Sincee is xed, it follows that for each f, the marginal bene t
of enrolling more women must increase, represented by the increased vertical distance between
the credential curves. This translates to an outwards shift of the marginal bene t curve, which is
illustrated in Appendix Figure 5d. This immediately implies an increase inf and f °P!, the rst
substantive prediction of our model?®

Next, we turn to the question of whether a one-o change can have a persistent impact on
women's enroliment. To do so, we assume that in the year after the policy change, the threat to
men's enrollment dissipates. This is unlikely but represents an upper bound on the endogenous
response in men's demand for legal education: strategic behavior to avoid the draft through means
other than student deferment likely buoyed men's applications in the years following 1968 to par-
tially o set the increased draft risk. Accordingly, we let all credential curves return to their original
position after the policy in Appendix Figure 5e, and consequently the marginal benet curve in
Appendix Figure 5f also returns to its initial position. However, as a result of the policy response
in the previous period, f has increased, lowering the marginal cost of enrolling a higher share of
women and pushing our the marginal cost curve. This can result in a higher equilibrium fraction
of women even after the draft shock has dissipated.

5This model prediction is consistent with the the more colorful description of some administrators at the time:
“Testifying before Congress to oppose the change, President Nathan Pusey of Harvard predicted that his law school's
entering class of 540 would be ‘reduced by close to a half.' Harvard law might stay full only by compromising on
“quality or something.' " and Congressman John Erlenborn: \a policy of admitting women, the halt, and the lame"
(Strebeigh 2009).
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C LSAC Data

To understand potential demand-side responses to policy announcements, we digitize summary
statistics on gender dierences in LSAT performance from Hussein and Wightman (1971), an
internal report generated by the Law School Admission Test Council (LSAC). These data begin in
November 1966 and, as far as the authors are aware, comprise the earliest available LSAT statistics
that are reported separately by gender® These data are reported at the \monthly" level,” and
they are organized by application cycle, with four exams taking place in each cycle, in November,
February, April, and August. In the 1970-71 application cycle, the number of exams is expanded to
ve and the months in which they are administered are adjusted to October, December, February,
April, and July. Since we need to remove cyclicality from our data and are only interested in
immediate changes in test taking behavior following policy announcements in 1967 and 1968, we
drop this cycle to obtain a dataset on LSAT aggregates by gender between the 1966-67 and 1969-70
application cycles with 16 observations® For each exam administration, we observe the number of
registered test takers, the number of actual test takers, and the mean/standard deviation of LSAT
score, all reported separately by sex.

Our objective is to understand if any of these administration statistics show evidence of a
shift in exam taker composition. In particular, we want to rule out that there was a positive
shock to women's attendance or performance following either of the relevant policy announcements
that could explain their rise in enrollment in the Fall of 1968. At this time, a vast majority of
law schools required an LSAT score for admissioR. With data on LSAT scores, this is relatively
straightforward to test. For each exam administration, we have information on mean LSAT score,
standard deviation of LSAT score, and number of test takers, separately by sex. To begin, we plot
raw data on the mean and standard deviation of LSAT score for women in Appendix Figure 25a and
for men in Appendix Figure 26a. To observe timing precisely, we collect LSAT administration dates
from the University of Chicago Law School Announcements between 1966-67 and 1969-70, and plot
the two policy announcements we are concerned with: the 1967 Draft Act on June 30, 1967, and
the removal of deferments for law students on February 17, 1968 It's clear from the data that

At the beginning of the report, the authors note that LSAC requested that gender-specic reports be made
available at its December 12, 1970 meeting. The report, published on November 18, 1971, seems to be the ful Iment
of this request, and there is no indication of an earlier set of results available.

"In 1970, the \August" LSAT is actually administered in late July.

8Data between the 1969-70 and 1972-73 application cycles are available in a later report (Wightman 1974).
However, not only does number and timing of the exams di er in these years, but the way in which the data are
reported changed across time. This second report takes the basic unit of observation to be the candidate and not
the score, replacing repeated exams with the student's average score. This change in reporting makes it di cult to
compare statistics reported between the two reports, and since we prefer results at the score level, we only use data
from the rst report.

9The 1968 Law School Handbook indicates all schools apart from Brooklyn, Chicago, Creighton, Fordham, Howard,
and Texas South. required the exam.

10Note, in particular, that the February 1968 LSAT takes place on February 10, 7 days before the policy announce-
ment on February 17.
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average scores vary cyclically both across and throughout the application cycle, and it's di cult
to tell from this plot alone that there is any impact of the announcement. So, to run a formal
statistical test, we rst remove month and year e ects using the following regression speci cation:

Yot = month(t) ¥ year(t) t "git (C.1)

Where Yg; is mean LSAT score for genderg on date t, and ontn(t) @nd yearry are month and
year xed e ects, respectively. Our object of interest is the residual from this model, "y, estimated
separately by gender, that gives the deviation of each LSAT mean from its expected value given
our estimated month and year e ects.

We run a simple one-sample z-test to test whether or not this residual has mean zero in a
given year, leveraging the fact that we observe all of the statistics for each exam needed to run
such a statistical test.** Our results for women are plotted in Appendix Figure 25b and for men
in Appendix Figure 26b, where we include horizontal lines at the 5% signi cance level for our
test statistic. We nd little evidence that women's scores respond to policy announcements as
evidenced by a measured increase in their average LSAT score. We are unable to reject the null
that the residualized mean is zero in the two administrations following each policy announcement,
as well as the rst November exam following each policy announcement, which is generally the most
well attended. In fact, for many of these exams, we estimate a drop in women's mean score relative
to trend. For men, many of our estimates are signi cant, but we are hesitant to draw any de nite
conclusions given our limited ability to detrend. That said, our estimates suggest a drop in men's
average score in the administration after a policy announcement, implying a response consistent
with men's decreased enrollment in the Fall of 1968.

While LSAT statistics are easiest to test, we are also interested in whether or not there is an
increase in registration or attendance by women in response to the policy announcements|given
our null results on scoring, a boost in women's exam taking behavior would be enough to boost
enrollment in 1968. Unfortunately, this is less straightforward to test, as we are observing only 16
observations of counts during our sample period, as opposed to 16 means across many individual
observations of LSAT scores. In light of this, we follow best practices from the literature on outlier
detection. Belotti et al. (2024) recommend the following strategy:

1. Transform the variable of interest to induce normality in its empirical probability density
function.

2. Set robust thresholds to identify the outlier region.

To induce normality, we use a log transformation for count variables, and a logit transformation

11t is likely that LSAT scores themselves are approximately normally distributed. Amabebe (2020) notes that the
modern LSAT is norm-referenced, where raw scores are translated to test scores such that the distribution follows a
bell curve that remains similar across exams to allow for comparability. We don't have clear documentation of how
LSAT scores were normalized during our sample period, but it seems likely that a similar, if not more crude, method
of normalization was used. Regardless, our tests here do not depend on this assumption.
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for fraction variables (e.g. the fraction of test takers who are women). These are not necessarily
the optimal transformations to induce normality, but they allow us to remove cyclicality from
the transformed variables with interpretable xed e ects. 1> Speci cally, we use equation (C.1),
where Yg is the transformed variable of interest for genderg on date t, and we again consider the
residuals” g from designs detrended separately by sex. For count variables, the log transformation
assumes that within-application cycle deviations are constant and additive in percentage terms,
and the logit transformation assumes that these deviations are constant and multiplicative in the
odds ratio. These are important assumptions to consider as the number and fraction of women
taking the LSAT is growing substantially between 1966-67 and 1969-70.

We consider three alternative methods to set robust thresholds for outlier detection. The
framework for detection is very straightforward: we need to choose a measure of location and
scale and set a threshold for detectionz such that "y is agged as an outlier ifj(*gx )= ]>2
(Belotti et al. 2024). Our simplest method uses the studentized residual' gy as the test statistic,
which is given by

_ n. 0

uStudentized — g9t

i T PRSE,oT T hy (€2
(g:t) git

Where MSEg. is the Mean Squared Error calculated without observation @;t) and hg; is the
leverage of observation ¢;t). Here, the mean is our measure of location (constrained to be 0 by
OLS), and the denominator is the standard error of observation §;t). Since the mean is not very
robust to outliers, our other methods utilize the median as our measure of location, and we consider
two robust measures of scale: the median absolute deviation (MAD) and Q statistic (Rousseeuw
and Croux 1993)12 These are de ned as followed:

«MAD _ gt Med(™) _ "gr Med(") (C.3)
git MAD ,, (") apMedj® Med(®)j '
gt Qn(™ Bhfi "t gl t <t Qg '

Here, a, and b, are nite sample corrections to ensure these estimators are unbiasetf, and k =

2Zwell krﬁ)wn variance stabilizing transformations include the square root for a Poisson random variables

(n)sin 1" P for a Binomial random variable with n draws and observed success rate £Yu 2009), with re nements
proposed by Anscombe (1948) and Freeman and Tukey (1950). We could also apply the Box-Cox transformation
to induce normality and remove heteroskedasticity (Box and Cox 1964). In practice, Belotti et al. (2024) suggest
using the transformation that maximizes goodness of t, but as this would lead to di erential transformations being
applied across di erent variables, we opt for a log transformation as it is uniform and easily interpretable in our
context. Appendix Figure 35 presents QQ plots of our empirical quantiles against what we would observe were the
data exactly normally distributed along with the p-value from the Shapiro-Wilk test of normality, which fails to reject
any transformation we consider.

BThe Q statistic, proposed by Rousseeuw and Croux (1993), matches the nite sample breakdown point of the
MAD (50%), a measure of the percentage of data that can be corrupted without the bias of the statistic diverging
(see Huber (1984) for details). However, it demonstrates much higher asymptotic e ciency, implying potential gains
to precision without sacri cing robustness.

¥ The nite sample correction for the MAD is taken from Park et al. (2022) and the correction for Q is taken from
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bn=%c+1 de nes the order statistic used by the Q statistic. These are calculated separately by sex.

We calculate and plot$identized - «MAD and 2, for every LSAT administration against a thresh-
old of zg.g25 = 1:96 for the number of women (Appendix Figure 27b) and men (Appendix Fig-
ure 28b) taking the LSAT, the fraction of individuals taking the LSAT who are women (Appendix
Figure 29b), the number of women (Appendix Figure 30b) and men (Appendix Figure 31b) reg-
istered to take the LSAT, the fraction of individuals registered to take the LSAT who are women
(Appendix Figure 32b), and the fraction of women (Appendix Figure 33b) and men (Appendix
Figure 34b) who registered for but did not take the LSAT. For comparison, the raw data used for
these calculations are plotted in the rst panel of each gure as well. We nd little to suggest
that there is an outsized change in women's LSAT taking behavior. Of note is an increase in the
fraction of women who both register for (Appendix Figure 32) and take (Appendix Figure 29) the
LSAT in November of 1968, which is consistent with the hypothesis that there is a policy-induced
increase in demand for legal education from women but would not impact our estimated e ects in
September of 1968. We also nd evidence that women are more likely to register for but not attend
the LSAT in April of 1968; to the extent that this is evidence of a change in demand, an increased
absence rate would imply a drop in demand for legal education, biasing our 1968 event coe cient
downward. Last, though we are unsure why, there seems to be a notable drop in both the number
of women (Appendix Figure 27) and men (Appendix Figure 28) taking the LSAT in November of
1969 such that fraction of test takers who are women (Appendix Figure 29) is una ected. These
patterns are also bourne out in our registration statistics, but in any case, are occurring far too
late to in uence our 1968 event coe cient.

Akinshin (2022).
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D Robustness to Contraceptive Access: Data and Results

This section details the data construction behind the contraception-access robustness tests reported
in the main text and presents the full estimates.

Legal access codingsBetween 1960 and 1976 the states extended to unmarried women under
21 the ability to obtain oral contraception without parental consent, through changes in the age
of majority, mature-minor doctrines, comprehensive family-planning statutes, and court decisions.
We use the two codings of this legal history in the literature: the dates in Table 2 of Goldin and
Katz (2002), in both their strict (\nonrestrictive") and broad (earliest legal age below 21) forms,
and the independently collected dates in Table | of Bailey (2006). The results under both codings
do not depend on any single reading of the legal record. Each law school is assigned the state of
its main campus from its MH directory name, and a school's state is \early" under a given coding
if its access year is 1971 or earlier.

Exposure measures.For the national test we construct, for each lawyer, the probability that
her birth cohort had legal access before age 21P.; equals the 1970-population-weighted share of
states whose access year falls at or before the year coharturned 20, set to zero for cohorts that
turned 21 before the pill's FDA approval in 1960.

Speci cations and results. Panel A of Appendix Table 6 augments the baseline linear probability
model (an indicator for female regressed on full-time-only post-1971 with law-school, bar-cohort,
and directory xed e ects, standard errors clustered by school) with the full-time-only P inter-
action. Panel B interacts the full-time  post term with the early-access regime of the school's
state, allowing regime-speci ¢ cohort pro les; the early main e ect is absorbed by the school xed
e ects. Two features of the design are worth noting. First, under the Goldin{Katz coding the na-
tional access curve has essentially no support before bar cohort 1973, so the sharper national test is
the Bailey-coded one, in which 43 percent of pre-break observations carry positive access; the pill
interaction there is negative. Second, the timing is informative on its own: the full-time/part-time
feminization gap opens over bar cohorts 1971{1975, whereas the access curve for these birth cohorts
rises only after 1976. These tests exclude the pill-access pro le speci cally; they do not adjudicate
between a discrete 1971 break and a smooth post-1968 ramp in the di erential itself, which in any
case grows before pill access rises.

D.1 Replicating Goldin and Katz's (2002) Table 5

The career evidence in Goldin and Katz (2002) is an age-by-census-year design: the professional
share of college-graduate women, ages 30{49, across the 1970{1990 censuses, regressed on cohort-
level pill access with full age and year pro les. The directories allow the same design in a complete
census of one profession. We build 218 age edition cells (single ages 30{49; twelve editions,
1965{2000; birth cohorts 1921{1960) and estimate the same speci cation for a ladder of outcomes:
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the female share of lawyers; log counts by sex; counts per person of the relevant sex, using July
1 national population estimates by single year of age and sex on a consistent resident-plus-armed-
forces-overseas concept (Census Bureau intercensal series, 1935{2000); and counts per bachelor's
degree conferred to the cohort's sex in yeac + 22 (NCES annual series) | the last being the
closest analogue of Goldin and Katz's outcome. In estimates not shown, a Vietnam draft-risk
control (Selective Service inductions at ages 19{24 per male birth) addresses the possibility that
draft-era dynamics, rather than the pill, shape the male comparison: the female coe cients remain
positive and signi cant, while the male log-count decline is absorbed by draft exposure. Appendix
Table 7 reports the grid: the per-college-woman estimate implies a 68 percent increase in women's
lawyer production per college woman as cohort access goes from zero to universal, in line with
the roughly twofold increase implied by Goldin and Katz's estimate | and, as the notes detalil,
identi ed from the same cohort-level contrast, with the same limitations, as theirs.
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Appendix Figure 1. Raw Review of Legal EducationScans

Appendix Figure 1 provides an example of the scans used to construct the RLE data.

Appendix 12



Appendix Figure 2: Constructing Review of Legal EducationDataset

(a) Coding Full-Time and Part-Time

(b) Program Mix Across Law Schools

Appendix Figure 2 provides metadata on our dataset. Figure 2a demonstrates how we sort each year's di erential coding of
program types into our consistent full-time and part-time coding scheme. Using this scheme, Figure 2b shows the fraction of

institutions in each year operating both a full-time and part-time program (Full/Part), only a full-time program (Full Only)
and only a part-time program (Part Only).
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Appendix Figure 3: Raw Martindale-Hubbell Geographical Bar Register Scan Example

Appendix Figure 3 provides an example of the Geography scans used to construct the Martindale-Hubbell-based data.
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Appendix Figure 4: Raw Martindale-Hubbell Biographical Scan Example

Appendix Figure 4 provides an example of the Biography scans used to construct the Martindale-Hubbell-based data.
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Appendix Figure 5: Model of Law School Admissions

(a) Marginal Bene t: Before Policy (b) Optimal Enroliment: Before Policy

p

(c) Marginal Bene t: Policy Change (d) Optimal Enrollment: Policy Change
p
M , M 0

(e) Marginal Bene t: After Policy (f) Optimal Enrollment: After Policy
p

Appendix Figure 5 provides a graphical illustration of our model of law school admissions. See Appendix Figure 5 for details.
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Appendix Figure 6: Robustness to Entropy Weighting

Appendix Figure 6 plots coe cient estimates from equation (3), where the outcome is the number of rst-year students who are
women and the enroliment control is omitted. Instead, we estimate entropy weights in 1967 such that weighted average total
enrolliment is equal in the treatment and control groups (Hainmueller 2012). Model 1 uses a standard two-way xed-e ects
design, where a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the di erence-in-
di erences estimate from this model, estimated with equation (2). Model 2 restricts our sample to include only institutions
operating both a full-time and a part-time program. Model 3 restricts the treatment group to institutions operating only a
full-time program and the control group to any institution operating a part-time program. Entropy weights are constructed
separately for each model to ensure proper balance.
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Appendix Figure 7: Robustness to State-by-Year Fixed E ects

(a) Fraction Women

(b) Number Women

Appendix Figure 7a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who are
women and the regression is weighted by total rst-year enrollment. Model 1 includes institution-by-program xed e ects and
state-by-year xed e ects, where a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the
di erence-in-di erences estimate from this model, estimated with equation (2). Appendix Figure 7b plots coe cient estimates
from equation (3), where the outcome is the number of rst-year students who are women. Model 1 includes institution-
by-program xed e ects and state-by-year xed e ects, where a 95% con dence interval is plotted for every event coe cient
The horizontal line plots the di erence-in-di erences estimate from this model, estimated with equation (4). In both gures,
Model 2 restricts our sample to include only institutions operating both a full-time and a part-time program. Model 3 restricts
the treatment group to institutions operating only a full-time program and the control group to any institution operating a
part-time program.
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Appendix Figure 8: Robustness to City-by-Year Fixed E ects

(a) Fraction Women

(b) Number Women

Appendix Figure 8a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. Model 1 includes institution-by-program xed e ects
and city-by-year xed e ects, where a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the
di erence-in-di erences estimate from this model, estimated with equation (2). Appendix Figure 8b plots coe cient estimates
from equation (3), where the outcome is the number of rst-year students who are women. Model 1 includes institution-by-
program xed e ects and city-by-year xed e ects, where a 95% con dence interval is plotted for every event coe cient The
horizontal line plots the di erence-in-di erences estimate from this model, estimated with equation (4). In both gures, Model
2 restricts our sample to include only institutions operating both a full-time and a part-time program. Model 3 restricts the

treatment group to institutions operating only a full-time program and the control group to any institution operating a part-
time program.
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Appendix Figure 9: Restricting to ABA-Approved Schools

(a) Fraction Women

(b) Number Women

Appendix Figure 9a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample in each year is restricted to the set of
schools that are ABA-Approved. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (2). Appendix Figure 9b plots coe cient estimates from equation (3), where the outcome is the number of
rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a
part-time program. Model 3 restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.
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Appendix Figure 10: Restricting to Schools ABA-Approved by 1975

(a) Fraction Women

(b) Number Women

Appendix Figure 10a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enroliment. The sample in each year is restricted to the set of schools
that receive ABA-Approval by 1975, the end of our sample period. Model 1 uses a standard two-way Xxed-e ects design, where
a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate
from this model, estimated with equation (2). Appendix Figure 10b plots coe cient estimates from equation (3), where the
outcome is the number of rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a
95% con dence interval is plotted for every event coe cient The horizontal line plots the di erence-in-di erences estimate from
this model, estimated with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating
both a full-time and a part-time program. Model 3 restricts the treatment group to institutions operating only a full-time
program and the control group to any institution operating a part-time program.
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Appendix Figure 11: Institution-Balanced Panel

(a) Fraction Women

(b) Number Women

Appendix Figure 11a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample is restricted to a panel balanced at the
institution level, so that every institution included (regardless of program type o ered) appears in every year. Model 1 uses a
standard two-way xed-e ects design, where a 95% con dence interval is plotted for every event coe cient. The horizontal line
plots the di erence-in-di erences estimate from this model, estimated with equation (2). Appendix Figure 11b plots coe cient
estimates from equation (3), where the outcome is the number of rst-year students who are women. Model 1 uses a standard
two-way xed-e ects design, where a 95% con dence interval is plotted for every event coe cient The horizontal line plots the

di erence-in-di erences estimate from this model, estimated with equation (4). In both gures, Model 2 restricts our sample
to include only institutions operating both a full-time and a part-time program. Model 3 restricts the treatment group to
institutions operating only a full-time program and the control group to any institution operating a part-time program.
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Appendix Figure 12: Institution-Program-Balanced Panel

(a) Fraction Women

(b) Number Women

Appendix Figure 12a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample is restricted to a panel balanced at the
institution-program level. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is plotted for
every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated with equation
(2). Appendix Figure 12b plots coe cient estimates from equation (3), where the outcome is the number of rst-year students
who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is plotted for every
event coe cient The horizontal line plots the di erence-in-di erences estimate from this model, estimated with equation (4).

In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a part-time program.
Model 3 restricts the treatment group to institutions operating only a full-time program and the control group to any institution
operating a part-time program.
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Appendix Figure 13: Restricting to Institution-Program-Years with at least 20 Students

(a) Fraction Women

(b) Number Women

Appendix Figure 13a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample is restricted to institution-programs-years
with at least 20 students enrolled. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (2). Appendix Figure 13b plots coe cient estimates from equation (3), where the outcome is the number of
rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a
part-time program. Model 3 restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.
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Appendix Figure 14: Restricting to Institution-Program-Years with at least 50 Students

(a) Fraction Women

(b) Number Women

Appendix Figure 14a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample is restricted to institution-programs-years
with at least 50 students enrolled. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (2). Appendix Figure 14b plots coe cient estimates from equation (3), where the outcome is the number of
rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a
part-time program. Model 3 restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.
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Appendix Figure 17: Clustering at the Institution-Program Level

(a) Fraction Women

(b) Number Women

Appendix Figure 17a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. Appendix Figure 17b plots coe cient estimates from
equation (3), where the outcome is the number of rst-year students who are women. For both gures, Model 1 uses a standard
two-way xed-e ects design, Model 2 restricts our sample to include only institutions operating both a full-time and a part-time
program, and Model 3 restricts the treatment group to institutions operating only a full-time program and the control group to
any institution operating a part-time program. For all models, a 95% con dence interval is plotted for every event coe cient,
where standard errors are clustered at the institution-program level. The horizontal lines plot the di erence-in-di erences
estimate from each model, estimated with equation (2) (Appendix Figure 17a) or equation (4) (Appendix Figure 17b).
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Appendix Figure 18: Clustering at the Institution Level

(a) Fraction Women

(b) Number Women

Appendix Figure 18a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enroliment. Appendix Figure 18b plots coe cient estimates from
equation (3), where the outcome is the number of rst-year students who are women. For both gures, Model 1 uses a standard
two-way xed-e ects design, Model 2 restricts our sample to include only institutions operating both a full-time and a part-time
program, and Model 3 restricts the treatment group to institutions operating only a full-time program and the control group to
any institution operating a part-time program. For all models, a 95% con dence interval is plotted for every event coe cient,
where standard errors are clustered at the institution level. The horizontal lines plot the di erence-in-di erences estimate from
each model, estimated with equation (2) (Appendix Figure 18a) or equation (4) (Appendix Figure 18b).
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Appendix Figure 19: Clustering at the State Level

(a) Fraction Women

(b) Number Women

Appendix Figure 19a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enroliment. Appendix Figure 19b plots coe cient estimates from
equation (3), where the outcome is the number of rst-year students who are women. For both gures, Model 1 uses a standard
two-way xed-e ects design, Model 2 restricts our sample to include only institutions operating both a full-time and a part-time
program, and Model 3 restricts the treatment group to institutions operating only a full-time program and the control group to
any institution operating a part-time program. For all models, a 95% con dence interval is plotted for every event coe cient,
where standard errors are clustered at the state level. The horizontal lines plot the di erence-in-di erences estimate from each
model, estimated with equation (2) (Appendix Figure 19a) or equation (4) (Appendix Figure 19b).
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Appendix Figure 20: Excluding the South

(a) Fraction Women

(b) Number Women

Appendix Figure 20a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. The sample is restricted to institutions not located
in the Southern Census Region. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient. The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (2). Appendix Figure 20b plots coe cient estimates from equation (3), where the outcome is the number of
rst-year students who are women. Model 1 uses a standard two-way xed-e ects design, where a 95% con dence interval is
plotted for every event coe cient The horizontal line plots the di erence-in-di erences estimate from this model, estimated
with equation (4). In both gures, Model 2 restricts our sample to include only institutions operating both a full-time and a
part-time program. Model 3 restricts the treatment group to institutions operating only a full-time program and the control
group to any institution operating a part-time program.
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Appendix Figure 21: Fixing Program Mix at 1967 Value

(a) Fraction Women

(b) Number Women

Appendix Figure 21a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. Model 1 uses a standard two-way xed-e ects design,
where a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the di erence-in-di erences
estimate from this model, estimated with equation (2). Appendix Figure 21b plots coe cient estimates from equation (3),
where the outcome is the number of rst-year students who are women. Model 1 uses a standard two-way xed-e ects design,
where a 95% con dence interval is plotted for every event coe cient The horizontal line plots the di erence-in-di erences
estimate from this model, estimated with equation (4). In both gures, Model 2 restricts our sample to include only institutions
operating both a full-time and a part-time program. Model 3 restricts the treatment group to institutions operating only a
full-time program and the control group to any institution operating a part-time program. Assignment across all models is
xed to an institution's 1967 program mix.
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Appendix Figure 22: Adjusting for WEAL Complaints

(a) Fraction Women

(b) Number Women

Appendix Figure 22a plots coe cient estimates from equation (1), where the outcome is the fraction of rst-year students who
are women and the regression is weighted by total rst-year enrollment. Model 1 uses a standard two-way xed-e ects design,
where a 95% con dence interval is plotted for every event coe cient. The horizontal line plots the di erence-in-di erences
estimate from this model, estimated with equation (2). Appendix Figure 22b plots coe cient estimates from equation (3),
where the outcome is the number of rst-year students who are women. Model 1 uses a standard two-way xed-e ects design,
where a 95% con dence interval is plotted for every event coe cient The horizontal line plots the di erence-in-di erences
estimate from this model, estimated with equation (4). In both gures, Model 2 restricts our sample to include only institutions
operating both a full-time and a part-time program. Model 3 restricts the treatment group to institutions operating only a
full-time program and the control group to any institution operating a part-time program. Across all models, an indicator for
institutions receiving an early WEAL complaint has been interacted with year xed e ects. The institutions coded as receiving
an early complaint are listed in Appendix Table 2.
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Appendix Figure 23: Alternative Continuous Di erences-in-Di erences Results

(a) Average LSAT Score

(c) Composite Score

(b) Average Undergraduate GPA

This gure plots estimates from equation (10), where the outcome is the change in the fraction of rst-year students who
are women between 1967 and 1968 and the regression is weighted by total rst-year enroliment in 1967. The dose variable
is imputed average LSAT score for the 1967-68 incoming class in Appendix Figure 23a, imputed average undergraduate GPA
for the 1967-68 incoming class in Appendix Figure 23b, and the composite score for the 1967-68 incoming class in Appendix
Figure 23c, where the composite score is computed as (1=2) LSAT+ (1 =2) (200 UGPA). For each gure, after estimating
regression coe cients, we construct a grid of 500 points evenly spaced between the minimum and maximum dose values and
plot ¥; for treated units ( D; = 1) at each of these dose values. We also plot two sets of 95% con dence bands across our grid:
a pointwise con dence interval using the standard error of the predicted value at a given level of the dose, as well as a uniform
con dence interval across the entire grid using the method proposed in Montiel Olea and Plagborg-M ller (2019).
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